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Appendix A: Wakoopa Toolbar Uptake and Compliance

Initial Toolbar Uptake

Figure A1 compares the sample of individuals who installed the toolbar (n=1,076) to the

overall survey sample (n=7,704). In each case we use survey weights provided by YouGov

when making these comparisons. This mirrors the approach we use in our analysis when

assessing partisan isolation throughout the paper.

The differences between these groups are small across a variety of indicators. The

primary exception is that the toolbar sample has a higher degree of political interest than

the initial survey sample. Based on this imbalance, we conduct additional robustness

checks that re-weight the toolbar sample to reduce this imbalance at the end of this

appendix section.
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Figure A1: Demographic Differences by Toolbar Installation
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Toolbar Use Over Time

While individuals who installed the toolbar were incentivized to continue using it through-

out the study time period, we observed a modest degree of attrition in use of the Wakoopa

toolbar over the study. During the first week of data collection, 94% of the individuals

we analyze in the toolbar dataset registered at least one site visit. By the final week of
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data collection 76% of these respondents visited at least one website during the week.

Figure A2 below displays the percentage of active users by day (based on a 7-day

rolling average) over the period of data collection.
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Figure A2: Toolbar Use Over Time
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In Figure A3 (see below), we examine differences in the demographic profile of indi-

viduals who remained active on Wakoopa upto the last week of data collection (i.e., they

have at least one website visit per week during this time period) relative to those who

became inactive at this point (i.e., who visit zero sites during this week).
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Figure A3: Demographic Differences by Wakoopa Activity
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Attrition in toolbar use does not appear systematically linked to these covariates.

Comparison To Other Surveys

We also benchmark the final sample of web panelists we consider to a set of other political

surveys that took place during the 2016 election. The next three plots display differences
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in the sample composition of our toolbar sample after incorporating the sample weights

relative to three other studies: 1) the 2016 American National Election Study Face to

Face Interviews, 2) the 2016 American National Election Study Online Interviews and 3)

the 2016 Cooperative Congressional Election Study (an online-only sample). This enables

comparisons across a variety of different demographic and attitudinal characteristics. Be-

cause there are differences in the survey items and question format in each of these other

surveys, not every toolbar item can be compared to all three other surveys.

These comparisons reveal a high degree of similarity between our sample and these

other data sources on important dimensions like partisanship and Presidential vote choice.

That being said, even after including these weights two departures stand out. First, self-

reported political interest is substantially higher in our sample, even after including the

weights, than it is for the 2016 CCES where a comparable 4-pt political interest measure

is available (3.55 to 3.25). Second, self-reported turnout in the 2016 Presidential primaries

and caucuses is substantially higher among the toolbar sample (76% among our panelists

relative to: 40% for ANES Face to Face, 44% for ANES Online, 61% for CCES). Based on

this differences, we conclude this section by presenting results which show that our overall

findings are not altered by reweighting our data to reduce this discrepancy in political

interest.
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Figure A4: Trait differences between ANES 2016 Face to Face and Toolbar Sample
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Figure A5: Trait differences between ANES 2016 Online and Toolbar Sample
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Figure A6: Trait differences between CCES 2016 and Toolbar Sample
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Comparison To Other Web Traffic Sources

To compare the web traffic data from Wakoopa panelists to other sources, the table below

pairs this traffic data for Wakoopa panelists during October 2016 to estimates of website

traffic obtained from individual-level data from Comscore’s web panel over the same pe-

riod of time.
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We paired aggregate traffic data from our set of Wakoopa panelists to Comscore traf-

fic data for two sets of websites a) the top 500 websites of any type in the Wakoopa

dataset and b) the 255 political websites that are the primary focus of this study. We

compared web traffic patterns for three different measures including a) the share of active

panelists with at least one visit to a domain on a given day (closest to the approach used

in Gentzkow and Shapiro 2011), b) the share of all web traffic to different web domains

(closet to the approach used in Flaxman et al 2016) and c) the overall volume of traffic to

various web domains. This approach allows us to benchmark our traffic sample to these

other data sources.

Table A1: Wakoopa and Comscore Web Traffic Comparison
Daily Visitor Share (1 or More Visits) Traffic Share Visits per Panelist

Top 50 (All Sites) 0.82 0.95 0.95
Top 500 (All Sites) 0.82 0.95 0.95
Top 50 (Political Site List) 0.74 0.55 0.54
Full Political Site List 0.84 0.67 0.67

Across these comparisons the correlation between the share of users visiting a domain

at least once on a given day exceeds .8 for the entire website list and .7 when focusing just

on political websites. In terms of traffic share there are stronger relationships between

the two sources of data for the entire website list (above .9) than when just focusing on

the political website list (above .5).

Robustness: Weighting To Account For High Levels of Political

Interest

One potential concern raised by these benchmarking exercises is that the evidence of

greater levels of partisan isolation in our sample relative to previous research is at-

tributable to the higher levels of political interest in this sample relative to other election

surveys. Adding to this concern, when we reestimate partisan isolation separately for
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respondents with high and low levels of political interest based on either their survey re-

sponses to a political interest question (those who pay attention to politics “A great deal”

relative to other panelists) or their amount of browsing on these political news domains

(above or below median number of visits to these news domains), panelists with low levels

of political interest exhibit lower levels of partisan isolation.

Table A2: Partisan Isolation Index By Political Interest

Trait Adjusted Isolation Index
2016 (Low Interest-Survey Based) 0.04
2016 (Low Interest-Traffic Based) 0.09
2016 (High Interest-Survey Based) 0.25
2016 (High Interest-Traffic Based) 0.23

We address this concern by reestimating our key comparison with a new set of re-

spondent weights obtained by raking the set of Wakoopa panelists to the population

marginal distributions of age, education, gender, partisan identification, race, region and

self-reported political interest from the 2016 Cooperative Congressional Election Study.

Applying these alternative weights lowers the average political interest of the Toolbar

sample from 3.6 when using the YouGov weights to 3.3, matching the distribution of po-

litical interest in the CCES sample.

Applying these alternative weights when assessing partisan isolation does not substan-

tially alter partisan isolation index or the substantial increase in partisan isolation relative

to prior research. The partisan isolation index is 0.21 when using the YouGov weights

– the results presented in the main text – and 0.22 when using these alternative raking

weights to downweight the overall level of political interest among the panel. In both cases,

we continue to observe substantially higher levels of partisan isolation than prior research.

-
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Appendix B: Crowd-Sourced News Article Labels

After identifying news articles that mentioned “Clinton” or “Trump” within the first 150

words of the article, we used crowd-sourced classifications of article content from workers

on Amazon’s Mechanical Turk to provide further information about the articles.

Coders were provided with the instructions below when rating the articles.

Figure B1: Rating Instructions

They then rated the articles using the following interface.
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Figure B2: Rating Interface

After selecting a high-level category, they were then presented with several sub-

category labels for each article. For instance, “scandal” articles could be labeled as dis-

cussing allegations of wrongdoing by the Clinton Foundation or Hillary Clinton’s earnings

from speaking engagements among other sub-categories. Similarly, “issue” articles could

be labeled as focusing on national security or the economy among other options.

We took several steps to ensure coding reliability. Raters were required to complete

a 3-item political knowledge quiz prior to rating any articles and needed to have 95% of

their prior HITS approved and more than 500 successful prior HITS. We also limited the

amount of work that could be done by an individual rater to 200 total articles so that

no individual rater could influence the final results. Finally, we removed ratings from

workers who “sped” through assessments in the first round of coding (coders who took an

average of less than 20 seconds per article to complete their ratings). These reports were

re-labeled in a second round of coding.
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Assessing Label Quality

We developed this coding scheme after extensive pilot testing of the labeling process in-

volving iterative labeling from multiple workers. After finalizing our coding scheme we

conducted a final pilot test with 1,000 articles assigned to two different workers to assess

the inter-coder reliability in article labeling.

In the section below, we present measures of inter-coder reliability from this final pilot

for the classification of articles according to both topic and slant.

Article Topics

Our analysis focuses on “Event”, “Issue”, “Strategy”, “Scandal” and “Other” coverage cat-

egories. Across all categories, the two coders labeled articles consistently in 55% of the

cases. This level of agreement is no different from results reported in prior work that

employs crowd-sourced labeling to identify article topics (e.g. Budak et al. 2016 report

agreement in 53% of articles).

As a second check we asked 100 coders to classify two news reports that clearly focused

on prominent political controversies — the Trump Access Hollywood Tape and Hillary

Clinton’s fainting scare. Coding agreement on these “exemplar” cases was high; the correct

scandal label was assigned in 88 percent of the cases and the appropriate sub-label (Clinton

Health or Trump Tape scandal) in 81 percent of all cases.

Article Slant

For the article-level slant ratings, inter-coder reliability assessments were relatively mod-

est. There was a correlation of .23 between the Rater 1 and Rater 2 assessments. The

Cohen’s Kappa of these ratings was 0.07.

While these measures of exact agreement are relatively modest, coders disagreed on

the partisan direction of the slant (cases in which one rater coding the article as Pro-
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Republican and the other as Pro-Democratic) in only 5% of cases (the comparable figure

is 3% in Budak et al. 2016). In cases where both raters categorized an article as non-

neutral (20% of the pilot articles) they were rated in the same direction 77% of the time.

Whatever issues there were in rating articles, they appear unrelated to the coder’s

personal political view. When asked about their 2016 Presidential Vote choice 50% said

they supported Clinton, 29% said they supported Trump and 21% said they did not vote

or supported a 3rd party candidate.

The table below shows that average article ratings were similar across these different

groups, with all of them evaluating coverage as, on average, slightly favorable towards the

Democratic party.

Table B1: Article Rating by Political Views
Presidential Vote in 2016 Average Article Rating

1 Voted Democratic 2.73
2 Voted 3rd Party/Did not vote 2.77
3 Voted Republican 2.72

Of course, these modest measures of inter-coder agreement on article ideology raise

questions about any findings that rely exclusively on individually-coded articles. However,

as the next section indicates, the aggregate measures of content-based website partisanship

based on averaging all the article ratings for a given domains exhibit strong convergent

validity with the audience-based measures. And, to the extent individual coders disagreed

about article placement, it appears to produce a tendency towards rating articles as

neutral rather than substantial disagreement over the ideological direction of an article.
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Appendix C: Comparing Measures of News Domain Par-

tisanship

We follow previous research in using both audience-based and content-based indicators

of news slant. Our audience-based measure characterizes the partisanship of different

political news domains based on the partisanship of their audience. Our content-based

measure is based on assessments of article-level slant made by coders on Amazon’s Me-

chanical Turk.

Figure C1: Domain Partisanship Ratings
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The two measures of slant are strongly correlated, suggesting some degree of conver-

gent validity. Figure C1 displays the relationship between the audience-based indicator of

website partisan slant (the share of Republican pageviews) and the content-based rating

(the average coder rating of slant for articles on that site). This analysis includes all

websites visited by at least 50 panelists (217 domains in our data).

Both measures also correlate well with alternative indicators of news sources’ ideolog-

ical or partisan leanings. The table below focuses on the 42 most visited websites in our

data. These are sources visited by at least 300 panelists and represent the top 20% of

websites by traffic in our sample. There are generally strong correlations between our two

operationalizations of website slant and these alternative measures used in prior studies.
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Particularly strong overlap occurs between the audience measure used in this study and

one produced by studying patterns of content sharing on Facebook (Bakshy et al. 2015)

and the content measure used in this study with the audience-based measure constructed

from users of a web toolbar (Flaxman et al., 2016).

Table C1: Correlation Between Site Partisanship/Ideology Measures

Measure Audience Content
Audience(This Study) - 0.67
Content (This Study) 0.67 -
Audience (Flaxman et al., 2016) 0.59 0.67
Audience (Bakshy et al., 2015) 0.78 0.82
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Appendix D: Partisan Isolation - Robustness and Alter-

native Measures

Formula for Adjusted Isolation Index

To introduce the isolation index measure in the main text, we present the relatively con-

cise formula for the unadjusted isolation index. However, to follow Gentzkow and Shapiro

(2011) we employ an “adjusted” isolation index throughout our primary analysis. We do

so to avoid inflating partisan isolation due to a small-sample bias that occurs when web

domains receive relatively few visitors.

The formula for the adjusted isolation index is presented below.

Adjusted Isolation Index =
∑
j∈J

( r̂epj
r̂epm

)( ∑
i∈Irep

wij
r̂epj − xiĵvisitsj − xij

)

−
∑
j∈J

( d̂emĵdemm

)( ∑
i∈Idem

wij
r̂epĵvisitsj − xij

)

Here r̂epj refers to the number of republican daily visitors to outlet j, divided by the

share of all daily visitors to outlet j with non-missing partisanship. d̂emj is defined the

same way for Democratic visits to a domain. The total number of domain visits is defined

as ̂visitsj = r̂epj + d̂emj, while the total number of visits made by a partisan group is

r̂epm for Republicans and ̂demm for Democrats.

In this equation xij refers to a respondent’s YouGov sampling weight times the number

of daily visits made by the respondent to outlet j. wij =
xij∑

k∈Irep xkj
for Republicans and

xij∑
k∈Idem xkj

for Democrats.
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Comparing Results Using Adjusted/Unadjusted Isolation Index

The table below displays the partisan isolation index across a variety of sets of websites

using both the adjusted isolation index and the unadjusted isolation index measure (the

results of which were not presented in the main text). Across a variety of different sets

of web domains/content types, these two measures produce similar depictions of partisan

isolation. They differ primarily when considering visit patterns to the large number of

non-political domains in the data set (“All Web Traffic” and “All Non-Political Domains.”).

Because many web domains used in that analysis receive only a small number of visits

from the panelists in our data, the unadjusted isolation index is much higher than the

adjusted measures.

This table also helps to demonstrate the robustness of the partisan isolation index to

a variety of changes. This includes using all traffic to the set of three large political news

aggregators (aol.com,msn.com,yahoo.com) instead of focusing just on news-based visits

as in the primary analysis (“Political Domains - Include All AOL/MSN/Yahoo Traffic”)

or removing all visits of any type to these three sites (“Political Domains - Exclude All

AOL/MSN/Yahoo Traffic”).

Table D1: Partisan Isolation Index
Data Unadjusted Isolation Adjusted Isolation
All Web Traffic 0.28 0.06
All Non-Political Domains 0.28 0.05
Political Domains - Include All AOL/MSN/Yahoo Traffic 0.22 0.18
Political Domains - Exclude All AOL/MSN/Yahoo Traffic 0.28 0.24
Political Domains - Baseline 0.25 0.21
Political Domains - Top Ten (2016 List) 0.22 0.21
Political Domains - Top Ten (2009 List) 0.24 0.22
All Election Articles 0.36 0.33
Election Articles - Strategy 0.36 0.29
Election Articles - Trump Scandal 0.39 0.34
Election Articles - Clinton Scandal 0.44 0.40
Election Articles - Issue 0.53 0.45
Election Articles - Neutral Slant 0.38 0.33
Election Articles - Moderate Slant 0.43 0.39
Election Articles - High Slant 0.47 0.42

We also present estimates of partisan isolation by various levels of geography using the
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full YouGov survey and just those respondents who were also included in the Wakoopa

sample where web traffic is available. Like previous research that employs this metric

(Gentzkow and Shapiro 2011, Table IV), we observe limited partisan isolation at these

levels of geography using the adjusted isolation index.

Table D2: Partisan Isolation Index by Geography
Sample/Geography Unadjusted Isolation Adjusted Isolation
Full Yougov - County 0.63 0.05
Full Yougov - Zip Code 0.89 0.06
Wakoopa Panel - County 0.79 -0.03
Wakoopa Panel - Zip Code 0.96 0.04

We also present both the unadjusted and adjusted isolation index for the other traits

which was discussed as a robustness check in the main text.

Table D3: Isolation by Other Traits
Trait Unadjusted Isolation Adjusted Isolation
Ideology 0.28 0.24
Education 0.07 0.03
Gender 0.07 0.03
Race 0.05 -0.00

Using both the adjusted and unadjusted isolation index, there is substantially more

isolation by ideology than these other variables.
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Appendix E: Relationship Between Web Browsing Be-

havior and Candidate Preference

In the main text we present a simple bivariate examination of the relationship between

partisan news exposure and candidate preferences across the two survey waves. This sec-

tion estimates a series of regression models that include additional covariates and do not

coarsen the measure of partisan media exposure as we do in the main text. These alter-

native estimation approaches produce the same finding of a minimal relationship between

partisan media diet and candidate preferences over the course of the general election cam-

paign.

Model Specifications

We examine the consequences of partisan news consumption using two types of regression

models. The first “change score" model regresses the change in the outcome variables on

partisan media exposure and other controls.

Y2 − Y1 = β0 + β1 × Partisan News Exposure + Controls + ε.

In addition to this difference specification, we also estimate a second model using a

lagged dependent variable specification. This alternative approach has the potential to

produce more precise estimates of the effect of media exposure on candidate evaluation,

but does so at the added cost of less confidence in the estimates of causal effects (i.e., this

approach no longer accounts for unobservable, time-invariant confounders). This model

takes the following form:

Y2 = β0 + β1 × Partisan News Exposure + β2× Y1 + Controls + ε
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Dependent and Independent Variables

Across both specifications the outcome variables are an individual’s attitudes toward the

candidates as measured in the surveys. We examine three indicators of candidate affect.

These consist of feeling thermometer ratings of Clinton and Trump, a battery of trait

ratings for each candidate (intelligence, trustworthiness, “tells it like it is", compassion,

morality, stability and willingness to compromise), and items measuring emotional reac-

tions to the two candidates (these emotions were: anger, hopefulness, fear, disgust, pride

and inspiration). Across these sets of indicators we compute the relative ratings of the

two candidates (e.g., the difference in a respondent’s feeling thermometer placement of

Trump relative to Clinton). In combination, these variables allow us to observe the effect

of media exposure on both overall candidate assessments and less crystallized elements of

candidate evaluation (e.g., ratings of candidate competence) that may be more amenable

to media influence.

The Partisan News Exposure variable is operationalized in two different ways. First,

we use the audience-based measure of exposure to partisan content from the previous

section. Second, we construct a content-based measure of partisan news exposure by av-

eraging the coder-rated slant of all election-related articles that a respondent encountered.

Finally, the Controls included in the model are a variety of respondent attributes mea-

sured in the first wave of the survey—level of education, income, partisanship, gender,

and age among other variables. Their inclusion means we examine the influence of media

exposure that is not otherwise explained by an individual’s demographic characteristics.

In presenting both sets of these results we orient the outcome measures so that higher

values indicate favorable shifts in assessments of Donald Trump relative to Hillary Clinton

between the two waves of the panel. Similarly, we construct both media exposure mea-

sures so that higher values indicate a more Republican news diet. Finally, we rescale both

sets of measures to have mean zero and standard deviation one to facilitate comparisons

22



across different operationalizations of media exposure and candidate outcomes.

We find limited evidence that news consumption contributed to attitude change over

the course of the campaign. Figure E1 displays point estimates of the effect of partisan

news exposure on candidate evaluations from “change score" approach (black points) and

lagged dependent variable models(gray points).

The left panel of Figure E1 trace changes in our indicators of candidate evaluation

to our audience-based measure of individuals’ exposure to partisan news (the average

Republican audience share of their news visits). The top point focuses on the difference

in the candidate feeling thermometers, the middle point repeats the analysis for net trait

ratings of the two candidates, and the bottom point examines shifts in a measure of net

candidate affect. Higher values on all three measures indicate shifts in a more Republican

direction (i.e., a shift towards more favorable evaluations of Donald Trump relative to

Hillary Clinton). The right hand panels of Figure E1 repeat the analyses, this time

substituting the content-based measure of slant as the measure of exposure to partisan

news.

Figure E1: Effects of Partisan Media Exposure on Candidate Evaluations (Change Score
and Lagged DV Models)

●

●

●

−0.2 −0.1 0.0 0.1 0.2

Site Audience

Republican Media Exposure

Emotion

Trait

Therm
●

●

●

●

●

●

−0.2 −0.1 0.0 0.1 0.2

Article Slant

Republican Media Exposure

Emotion

Trait

Therm
●

●

●

Figure E1 displays the coefficients on Republican media exposure from these regres-
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sions. Across the different change score model specifications, differences in exposure to

partisan news sources exerted no detectable influence on changes in candidate evaluations.

A one standard deviation increase in Republican media exposure resulted in a change of

-0.04 standard deviations in the net thermometer rating, a change of 0.01 standard de-

viations in the net trait rating, and -0.02 in the affect score. In all cases these shifts are

not statistically significant, with 95% confidence intervals that contain zero.

We observe similar results when employing our measure of election-related article slant.

Here there are shifts of -0.04, 0.02 and 0.01 standard deviations on the thermometer, trait

and emotional evaluations in response to a one standard deviation increase in exposure to

articles with a favorable slant toward Donald Trump. As in the audience-based measure

of exposure to partisan information, these relationships are not statistically significant. In

general, we observe little, if any, attitude change due to partisan media exposure between

August and November of 2016.

Turning to the lagged dependent variable, in several cases, estimates on the effect of

partisan media exposure reach conventional levels of statistical significance in predicting

shifts in supportive views of Donald Trump over the course of the panel, but effects are

substantively small and are consistent with the interpretation of the findings included in

the main text.
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Appendix F: Correlates of Overall Online Browsing Ac-

tivity

As we note in the main text, Democrats were more active consumers of online news than

Republicans. The table below regresses an individual’s number of pageviews on any of

the political domains we consider on a variety of demographic characteristics and their

party ID. Consistent with the discussion in the main text, Democrats are more active

in this regard than Republicans. This persists even when conditioning on a variety of

demographic covariates that may differ between the two parties, suggesting partisanship

is a distinctive factor in its own right and that these differences are not simply due to

demographics correlated with party ID. Age has a strong negative relationship with an

individual’s amount of political news consumption online.

Table F1: Correlates of News Website Pageviews
News Website Pageviews Log(News Website Pageviews)

(Intercept) 39674.45∗ 9.76∗

(4376.04) (0.23)
Democrat 4835.66∗ 0.38∗

(1985.89) (0.10)
Independent 5687.44∗ 0.13

(2823.69) (0.15)
Age −320.66∗ −0.01∗

(60.75) (0.00)
Female 2646.47 0.17

(1769.30) (0.09)
Black −2213.86 −0.45∗

(3586.23) (0.19)
Hispanic −146.97 0.12

(4311.01) (0.22)
College/Graduate Degree 913.51 0.18

(2393.38) (0.12)
Some College 2331.58 0.24

(2420.99) (0.13)
N 1073 1073
Standard errors in parentheses
∗ indicates significance at p < 0.05

While this indicates an absolute difference in browsing activity, it does not explain

the partisan divides in web browsing we find throughout the paper. As our measures
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of partisan isolation focus on relative differences in the media diets of the two groups

of partisans, rather than the absolute level of news exposure by any group, a partisan

difference in news consumption volume cannot explain the pattern we find. To the extent

Democrats visit more websites, this pushes the average Republican audience visit share of

all websites lower. If Democrats and Republicans visit the same websites, but Democrats

visit them more frequently, it would lead both groups to encounter websites with a similar

Republican audience share. If this occurred our measures of selectivity would reveal low

levels of partisan division (e.g., the two terms in the isolation index would be similar and

lead to a low score). In our case partisan divides in exposure emerge because, in addition

to Democrats visiting more websites in general, Democrats and Republicans arrive at

different news domains.
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Appendix G: Political Website List

Table G1 on the next page contains the list of political websites we focus on in this study.

These were determined by examining the top 100 websites offering news coverage by traf-

fic among the Wakoopa panelists and an additional 255 U.S.-based websites included on

Alexa’s list of most popular news domains.

For three large websites – aol.com, msn.com, and yahoo.com – we focus on only traffic

to their news content in our primary analysis to avoid non-news related web traffic (e.g.,

individuals checking their email at mail.aol.com, conducting a web search at yahoo.com

or playing online video games at zone.msn.com) that would otherwise be included in the

analysis if only traffic to the top-level domain was examined. Appendix D shows that

alternative approaches to treating visits to these three pages produces largely similar

estimates of partisan isolation.
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Table G1: List of Political Websites
abcnews.go.com denverpost.com lacrossetribune.com palmbeachpost.com sun-sentinel.com
abqjournal.com deseretnews.com lancasteronline.com pantagraph.com suntimes.com
ajc.com deseretsun.com lansingstatejournal.com patch.com syracuse.com
al.com desmoinesregister.com lasvegassun.com patriotledger.com talkingpointsmemo.com
alternet.org detroitnews.com latimes.com pbs.org tallahassee.com
aol.com/news disinfo.com ledger-enquirer.com pe.com tampabay.com
ap.org diversityinc.com lehighvalleylive.com people-press.org tbo.com
argusleader.com drudgereport.com livemint.com pewresearch.org tcpalm.com
arkansasonline.com duluthnewstribune.com ljworld.com philly.com telegram.com
aspentimes.com durangoherald.com lohud.com phoenixnewtimes.com telegraph.co.uk
austinchronicle.com dw.com lubbockonline.com pilotonline.com tennessean.com
azcentral.com eagletribune.com lucianne.com pjmedia.com theadvocate.com
baltimoresun.com eastbaytimes.com marketwatch.com pjstar.com theatlantic.com
bbc.co.uk economist.com mcall.com politico.com theblaze.com
bbc.com endingthefed.com mcclatchydc.com politicususa.com theconversation.com
beforeitsnews.com enterprisenews.com mediamatters.org politifact.com thecrimson.com
bellinghamherald.com esquire.com mediapost.com postandcourier.com thedailybeast.com
billoreilly.com factcheck.org mercurynews.com postbulletin.com theday.com
bipartisanreport.com financialexpress.com metrotimes.com poynter.org thedp.com
bismarcktribune.com firstoknow.com metrowestdailynews.com pressdemocrat.com theepochtimes.com
bizjournals.com fivethirtyeight.com miamiherald.com pressofatlanticcity.com theeventchronicle.com
bloomberg.com floridatoday.com michaelmoore.com prnewswire.com theguardian.com
bnd.com forbes.com milforddailynews.com project-syndicate.org thehill.com
bostonglobe.com fortune.com militarytimes.com providencejournal.com theledger.com
bostonherald.com foxbusiness.com mirror.co.uk prweb.com thenewsherald.com
bradenton.com foxnews.com mlive.com qctimes.com thenewstribune.com
breakingnews.com freep.com monroenews.com rasmussenreports.com thepoliticalinsider.com
breitbart.com fresnobee.com motherjones.com rawstory.com therealnews.com
buffalonews.com frontpagemag.com msn.com/en-us/news realclearpolitics.com theroot.com
burlingtonfreepress.com gainesville.com msnbc.com redding.com thestar.com
business-standard.com gannett.com mysanantonio.com registerguard thestate.com
businessinsider.com gastongazette.com naplesnews.com reuters.com thestranger.com
buzzfeed.com gazette.com nationalreport.net reviewjournal.com thetimesnews.com
c-span.org globalissues.org nationalreview.com rgj.com theweek.com
carbonated.tv good.is nbcnews.com richmond.com thinkprogress.org
cbn.com governing.com newbernsj.com roanoke.com time.com
cbslocal.com grandforksherald.com newrepublic.com rollcall.com timesunion.com
cbsnews.com greeleytribune.com news-gazette.com rrstar.com townhall.com
centredaily.com greensboro.com news-press.com rt.com trib.com
chicagoreader.com greenvilleonline.com news.com.au sacbee.com triblive.com
chicagotribune.com gregpalast.com news.yahoo.com salon.com truthdig.com
chron.com guardianlv.com newsday.com sandiegoreader.com tucson.com
citypages.com harpers.org newsherald.com sandiegouniontribune.com twincities.com
cjonline.com heavy.com newsmax.com sanluisobispo.com unionleader.com
cjr.org heraldextra.com newsobserver.com santacruzsentinel.com upi.com
clarionledger.com heraldnews.com newsok.com saukvalley.com usatoday.com
cleveland.com heraldtribune.com newstimes.com savannahnow.com usnews.com
cnbc.com host.madison.com newsvine.com seattlepi.com uticaod.com
cnn.com houstonpress.com newsweek.com seattletimes.com vanityfair.com
columbian.com huffingtonpost.com newyorker.com sfchronicle.com vcstar.com
commercialappeal.com hutchnews.com nhregister.com sfgate.com vice.com
commondreams.org ibtimes.co.uk niemanlab.org sfweekly.com villagevoice.com
conservativetribune.com idahostatesman.com nj.com shelbystar.com voanews.com
consortiumnews.com ijr.com nola.com sj-r.com vox.com
courant.com independent.co.uk northjersey.com slate.com vvdailypress.com
crainsnewyork.com indystar.com npr.org sltrib.com wacotrib.com
crooksandliars.com infowars.com nwfdailynews.com snopes.com washingtoncitypaper.com
csmonitor.com itv.com nwitimes.com sourcewatch.org washingtonexaminer.com
ctpost.com jacksonville.com nydailynews.com southbendtribune.com washingtonmonthly.com
dailybreeze.com jconline.com nymag.com southcoasttoday.com washingtonpost.com
dailycaller.com jdnews.com nypost.com spokesman.com washingtontimes.com
dailycamera.com jewishworldreview.com nytimes.com stamfordadvocate.com wcfcourier.com
dailyherald.com jezebel.com observer.com star-telegram.com westernjournalism.com
dailykos.com journalism.org ocala.com staradvertiser.com wickedlocal.com
dailymail.co.uk journalnow.com ocregister.com starnewsonline.com wn.com
dailynews.com journalstar.com omaha.com startribune.com wnd.com
dailypress.com jsonline.com onlineathens.com statesman.com wsj.com
dallasnews.com kansascity.com opendemocracy.net statesmanjournal.com wtop.com
dallasobserver.com kcchronicle.com oregonlive.com steynonline.com wvgazettemail.com
delawareonline.com kinston.com orlandosentinel.com stltoday.com yahoo.com/news
democratandchronicle.com knoxnews.com orlandoweekly.com stripes.com yournewswire.com
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