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Data Appendix
Extraction of POHA data
We extracted both audio files and correspondingmetadata from
the Palestinian Oral History Archive by scraping their web-
site, located on the American University of Beirut’s website at
libraries.aub.edu.lb/poha/. Every record in POHA has its own
dedicated ID, ranging from 4158 to 4887; each record’s page is
accessible via theURL https://libraries.aub.edu.lb/poha/Record/{ID}.

For each interview page, we use the BeautifulSoup li-
brary (Richardson) to extract data from the HTML. Some
of the fields (e.g., significant figures who appear in an inter-
view) are variously present and absent; we flexibly add these
to JSON representations of the metadata. Interview audio was
downloaded from the “Interview Audio/Video” field present
for most interviews. A minority of the interviews did not have
available recordings; after this scraping process, during which
we excluded those, we were left with 720 interviews that we
were able to transcribe.

For analysis, we use a subset of these interviews. We unfor-
tunately had to filter out a small set of interviews for which we
were not able to extract the required metadata for our analysis
(gender, place, place of origin, and place of residence). We
also conducted further filtering of interviews that involved
multiple participants from different places of origin, as this
would have biased the results of our location analysis. The
resulting set of interviews for analysis was 524.

Extracting Information from Bios
Our initial extracted metadata directly from POHA did not
include specific fields for gender or place of residence. How-
ever, this information was sometimes also present within the
metadata, just not in a structured format. When available, such
information was often embedded within the bio field.

To extract gender and place of residence from the bios,
which was essential for our study, we utilized a large language
model. We compiled the bios in both Arabic and English
and supplied them to gpt-4o OpenAI et al. 2024 using the
following prompt:

From the following * interview description *
+ * metadata on names and places of
origin * extract the following
information in JSON format .

The input data has the following structure .

{{
"en": {{" bio ": "<bio in english >",

interviewee : ["< name person 1>",
"<name person 2>", ...] ,

place_of_origin : ["< origin person
1>", "< origin person 2>",

...]}}
"ar": {{" bio ": "<bio in arabic >",

interviewee : ["< name person 1>",
"<name person 2>", ...] ,

place_of_origin : ["< origin person
1>", "< origin person 2>",
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...]}} ,
}}

The output data must have the following
structure . Not all fields might be
present ; in that case , omit those

‘‘‘json
{{

"en": {{ # for english data extraction
" interview_date ": ""
" interview_location ": ""
" interviewees ": [

{{
"name ": "",
" place_of_origin ": "",
" gender ": "",
" birth_date ": "",
" place_of_residence ": "",
" occupation ": "",
" occupation_entity ": ""

}},
]

}},
"ar": {{ # for arabic data extraction

" interview_date ": ""
" interview_location ": ""
" interviewees ": [

{{
"name ": "",
" place_of_origin ": "",
" gender ": "",
" birth_date ": "",
" place_of_residence ": "",
" occupation ": "",
" occupation_entity ": ""

}},
]

}}
}}
‘‘‘

Notes:
- The interview might have more than one

interviewee .
- The description is given in English and

in Arabic , extract the data for both
versions , and make sure the order of
interviewees is the same for both
versions

- Output the ‘name ‘ as it appears in the ‘
interviewee ‘ list. If the name does not
appear in the interview list , use the
name as it appears on the bio

- Output the ‘place_of_origin ‘ as it
appears in the ‘place_or_origin ‘ list.
If the place does not appear in the
place_of_origin list , use the place as
it appears on the bio

- Use date format %Y-%m-%d (eg. 2024 -08 -25)
if possible , if not , use %Y (eg. 2024)

- Be careful with keeping the correct
transliteration of Arabic names and
places

----------------------
Interview description :

{{
"en": {{" bio ": "{ data [" en_bio "]}" ,

interviewee : {data ["
en_interviewee "]},

place_of_origin : {data ["
en_place_of_origin "]}}}

"ar": {{" bio ": "{ data [" ar_bio "]}" ,
interviewee : {data ["

ar_interviewee "]},
place_of_origin : {data ["

ar_place_of_origin "]}}}
}}

Listing 1. Prompt to extract structured information from the bios

Note that in addition to the bios, we provided the intervie-
wees’ names and places of origin as recorded in the metadata.
This ensured that the model used consistent names, simplifying
the process of linking all data together.

Curating Places of Residence
Initially, our metadata extraction did not include direct in-
formation about the place of residence for each interviewee.
While the bios sometimes contained additional details beyond
the specified metadataincluding place of residencethis was not
always the case. As explained in the previous section, we used
gpt-4o to extract structured data from the bios.

After this process, many interviews still lacked specified
places of residence in the bios, necessitating an alternative
extraction method.

In our second approach, we focused on interviews for
which no metadata was available. Arabic-speaking team mem-
bers manually read the interview transcripts to identify the
interviewees’ places of residence. This task was inherently
time-consuming, requiring approximately 30 minutes per in-
terview for a native speaker due to the length of the interviews
and the challenge of obtaining full context.

To expedite this process, we utilized gpt-4o with the
following prompt:

From the following excerpt of an interview ,
extract the place of residence of the

interviewee if such place is mentioned .

Notes:
- Do not confuse the place of residence

with the place of origin of the
interviewee .

- Attempt to identify the place where the
interviewee is living at the time of the

interview .
- It is very unlikely that the place of

residence is within Palestine , as these
are stories of exiled refugees .
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Respond with the place of residence of the
interviewee , the timestamp , and the line

of text where you found it.
Also , add a short explanation of why the

place is likely to be the place of
residence .

If no place of residence can be reasonably
identified , add a short explanation of
why.

Text:
--------
speaker_id ; timestamp ; text
{text here}

Listing 2. Prompt to Extract Place of Residence from Interview Excerpt

Here, the text is formatted as specified in the prompt:
speaker_id; timestamp; text.

Given that the interviews often exceeded the model’s con-
text window, we partitioned them by their table of contents
and submitted each section individually. After processing a
few interviews, our team members gained insights into which
sections were more likely to mention the place of residence.
Combining these insights with the model’s suggestions, we
efficiently processed approximately 250 interviews to obtain
places of residence.

Out of the interviews that initially lacked residence infor-
mation, we successfully identified the place of residence for
207 interviews. This left us with 52 interviews where the place
of residence remained unidentified or unclear.

Deduplication of Places
We frequently encountered variations in how places of origin
and places of residence were referenced within the metadata
and bios. For example, a single refugee campmight be referred
to in up to eight different ways due to the addition or omission
of words, or the inclusion of the area or country name. This
inconsistency posed challenges for grouping and matching
interviews based on places of origin and residence.

To resolve this issue, we performed a deduplication process
using the RecordLinker library (Farley and Gutman 2020).
This tool allowed us to match locations by comparing both
the Arabic and English versions of the names, utilizing edit
distance metrics for each language. The process clustered
records that likely referred to the same entity. We chose the
most prevalent name in the data as the representative name for
each cluster, effectively minimizing the impact of misspellings
and variations by standardizing the names across the dataset.

After this process, we reduced the number of unique places
to approximately 150 different places of origin and 100 dif-
ferent places of residence. We then manually curated these
lists to finalize the mappings, ensuring accurate and consistent
duplication of the interview information.

Transcriptions and validation
Filtering out interviews about folktales, we are left with 724 in-
terviews. This still comprises about a thousand hours of audio
and video. We use Transkriptor, a commercial transcription
tool, to transcribe the interviews (Transkriptor 2024). Tran-
scriptor supports transcription optimized for specific dialects
of Arabic; this is important for the fidelity of our transcriptions
of POHA, given that many of the interviews are in Levantine
Arabic rather than MSA. While we explored using smaller
Whisper (Radford et al. 2022) models, the large volume of
interviews and the specificity of the data led to low-quality
and slowly obtained results.

Two Arabic-speaking team members conducted a qualita-
tive assessment of the interviews to validate the transcriptions.
This process involved manually reviewing a subset of the tran-
scriptions to ensure accuracy and consistency, particularly for
dialect-specific nuances.

The translator effectively captured the local Palestinian di-
alect, without censoring words or omitting context, achieving
90% accuracy. However, challenges arose from factors such
as the quality of the interviews and their structural design.
In some cases, the transcription tool struggled to recognize
sentence boundaries and properly connect the text, requiring
careful contextual interpretation without re-listening to the
audio. Additionally, there were minor issues with reading the
local dialect, as the transcription tool spelled words differently
than how native speakers would naturally express them.

Interview samples
For both interviews, only excerpts corresponding to the theme
Exile, Expulsion and Displacement (filtered by TOC). The
summary and key facts were generated via the summarization
pipeline.

Interview 4634
Interview with Ahmad Salih Ismail, male, born in 1932 and
part of the community in ’Amqa at the time of his expulsion
from Palestine, where he worked in a fire match factory. At
the time of the interview he resides as refugee in Nahr al-Barid
Palestinian Refugee Camp, Lebanon.

Summary

ءدبيرسقريجهتليصافترَواحُملاةبرجتلمحت
ً
دوعوتحتاهترداغمومهتيرقةرصاحمبا

كراعملاشياع.)q1,q2,q3(فٍاكحيلستومعدلابايغطسو،ةدوعلابةلّلضم

ةريسم.)q4(فوخلاودقفلارعاشمدازام،فصقلاءانثأهلًابيرقدقفوةرشابملا

راظتنالاوشيتفتلاولالذإلاشاعثيح،ندموىرقنيبتالقنتتنمضتريجهتلا

ىلإ،نيطسلفيفهفِراعموهلمعنم،لماكلابهتايحترّيغت.)q5(سمشلابيهلتحت

،ةاناعملابةئيلمتناكميخملايفةماقإلاتاونس.)q6(نانبليفقاشلالمعلاوءوجللا

ءاتشلالالخةصاخةيناسنإريغفورظطسوتايكربلاورداوشلايفشاعثيح

ًاظافحجمدلاونيطوتلاعيراشمضفربهعمتجمورَواحُملاظفتحا.)q7,q8(فصاوعلاو

تاونسلارورممغرنيئجالكمهتاناعمرارمتسانعحوضوبرّبعو،مهتيوهىلع

)q9,q10(.طيسبلاناسحإلاونماضتلانمتاظحلةلحرلاتلمح،ةوسقلالكمغرو

لخادتتثيح،عايضلاونزحلابروعشةرمتسملاةبرجتلاهذهلّلظُت.)q11(سانلانيب

.ىفنملليساقلاعقاولاعمنطولانعةيوقلاتايركذلا
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The interviewees experience contains detailed accounts of forced
displacement, beginning with the siege of their village and its de-
parture under misleading promises of return, amid a lack of support
and sufficient weapons (q1, q2, q3). They lived through direct battles
and lost a relative during the shelling, which deepened feelings of
loss and fear (q4). The displacement journey included movement
between villages and cities, during which they experienced humil-
iation, searches, and long waits under the burning sun (q5). Their
life changed completelyfrom work and acquaintances in Palestine to
exile and hard labor in Lebanon (q6). The years spent in the camp
were marked by suffering, as they lived in tents and makeshift shelters
under inhumane conditions, especially during winter storms (q7, q8).
The interviewee and their community consistently rejected reset-
tlement and integration projects to preserve their identity, clearly
expressing the ongoing suffering of refugee life despite the passage
of years (q9, q10). Yet amid the harshness, the journey also included
moments of solidarity and simple acts of kindness among people (q11).
This ongoing experience is overshadowed by a deep sense of grief and
displacement, where powerful memories of the homeland intertwine
with the harsh reality of exile.

Key Facts

q1. ةبذاكدوعووحلسمماحتقاوراصحةجيتنءاجةيرقلانمةلئاعلاجورخ

.ةعيرسلاةدوعلاةيناكمإب
The family left the village after it was besieged and stormed by armed
forces, and they were given false promises that they would be able to
return soon.

q2. مهنادقفلفوخلابرعشوهبراقأنكسقطانمىلعناريطلافصقرَواحُملادهش

.موجهلاءانثأ

The interviewee witnessed airstrikes on residential areas where his
relatives live and felt afraid of losing them during the attack.

q3. تايلمعوقيرطلاءانثأتابوعصلتضرعتوندموىرقةدعربعةلئاعلاتلقتنا

.لالذإوشيتفت

The family moved through several villages and towns, facing hard-
ships along the way, including searches and humiliation.

q4. يفءوجلةلاحىلإلمعوةيعيبطةايحنميرذجلكشبرَواحُملاةايحتريغت

.نانبل
The interviewees life changed drastically, from a normal life and job
to becoming a refugee in Lebanon.

q5. امو،تايكربلاورداوشلالثمةتقؤمنكاسميفشيعلانمتاونسرَواحُملاىناع

.ءاتشلالصفبةصاخ،ةيناسنإريغفورظنماهقفار
The interviewee spent years living in temporary shelters like tents
and makeshift huts, under inhumane conditions, especially during
the winter.
q6. ةيلودلاتاسسؤملالبقنمنيئجاللاتيبثتتالواحمليبعشضفركانه

.ءامتنالاوةيوهللديدهتكلذرابتعاو
There is popular resistance to e�orts by international organizations
to settle refugees permanently, as it is seen as a threat to identity and
belonging.
q7. .نينسلارورممغر،رارقتسالاروعشبايغعمءوجللاوريجهتلابمئادروعش

A constant sense of displacement and exile, with no feeling of stability
even after many years.

q8. .ةوسقلافورظيفيناسنإلانماضتلانمتاظحلاهتقفارريجهتلاةبرجت
The experience of displacement was accompanied by moments of
human solidarity amid harsh conditions.

Interview 4634 — Amqa, Nahr al-Bared Camp, Lebanon

1 ؟ةيرقلانماوتعلطفيكيللوقتكدبةسإ

So tell me, how did you leave the village?

2 نمابرغتاهج؟تالتلانمدلبلااوقوط؟انعلطفيككلانلقام

ينعي،ةشاشرةكاتفحوتفميقرشلابابلااوكردأولامشنموينبإ

نيمويدعبهنإرابتعإبدلبلانمعلطتسانلاتراصةصرفسبكاندقف

.اوعجرتبعوبسأدعبةثالثنيمويدعبهنإانلاولوقيوشبرعلانمةثالث

Didnt we already tell you how we got out? They surrounded
the town from three sides: west, from the direction of my sons
place, and from the north. They saw that the east gate was
open, so they came in with machine guns. We lost any chance
to stay, and people started leaving the town. They told us
wed be back in two or three days even a week at most.

3 تاحيرصتلاناك،عفدملاملكتيسرايأ15بلوق؟وشهللادبعكلملا

؟ينعيهلإل

What about King Abdullah? He said that on May 15 the
cannons would speak. Those were his statements, right?!

4 .هلكءيشلااذههنمانفشامهللدمحلاو

And thank God, we didnt see any of that happen.

5 .هللاوال.طبزلاب

Exactly. No, honestly.

6 ناضمرناك،ةنسلاكيدهبنكمياهتقوناكسإلموييأبينعيطبظلاب

اهمهأنمدلبلانمانحإانعلط،ناضمربموييناثوأناضمربمويلوأ

.ةكرعملاتراصف،ينعي

Exactly. On that day, maybe that year, it was the first or
second day of Ramadan when we left the village, basically.
Thats when the fighting started.

7 ؟ليللالكحالسمهدنعاميللابابشلاهينعي

So, you mean the young men who didnt have weapons were
up all night?

8 ةوخإلاضعبعممكتايلكمتنأاوتعلط؟هتليعنمعلطنيمهنإ

؟تاوخألاو

Who from your family left? Did all of you go together,
brothers and sisters?

9 .انلكدلبلانمانعلطانحنةرتفاندعقةحيشر

We stayed for a while as a group, then we all left the village
together.

10 .هذهةرتفلااندعق،يشرثكأانيجإامل

When we first arrived, thats where we stayed for that period.

11 تنكانأ،تارئاطلاةبرضدوهيلااولتحاو،ةريخألاةكرعملاتراصو

.ةيقرشلاةراحلايفةوهقبدعاقتنكانأ،حيشرت

Then the final battle happened, and the area was taken after
airstrikes. I was at that time sitting in a café in the eastern
neighborhood.

12 .راتخملادعاقناك.هكبريندعب،ليعامسإاهتقوناكةوهقلابحاصمسإ

.حيرشدهف

The café owner at the time was Ismail, I still remember him.
The village headman was there too, Fahd Shurayh.
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13 ،ريبكـلايوخأليشنوبأايوخأمهنمو،دحاورشعنطةرشعءيشو

.خارفانأيعمدعاقانأوينعي

There were about ten or twelve people, including my older
brother, Abu Nashil. I was sitting with them, just among the
group.

14 .عيرشيتافراتخملالوقيبمع

The village headman was saying that it was going to be
resolved soon.

15 لاق؟وشماق،ناريطلاتوصعلطناك.بائرلاتبلغدقدوسألاامنإ

يفامعمسلابناريطلامادامراتخمايهللاوهللاقبيجنوبأ،ايوخأهل

،ةيرايتخالااوعلطنه،ةبرضلاهذهعمرايطلاةبرضوبرعللحاجن

،يناتحتلاقباطلاباودعاقينعينيقباطياج.يإتيبىلعاوحارنانك

.ةرصانلاةدعاقانأ

Even the lions have been overpowered by the hyenas. The
sound of aircraft had started overhead. My brother, Abu
Najeeb, said to the village headman: As long as we can
hear the planes, theres no victory for the Arabs. With that
strike, old people started leaving. They went out toward the
house, two floors, with the lower floor being where people
were gathered, and I was sitting in the middle of it all. (
Nazreath is mentioned as a word here, but not sure if it also
means a location; the context is missing.)

16 .ا.دلو.يلاحالةرطمأتحتةطبهم

It was pouring rain, and I was by myself, just a kid.

17 .يقرشلاةراحلابفصقيناريطلاشلبااا

The planes started bombing the eastern neighborhood.

18 نماولزننظأعبسنهتفشانأ،يوخأهيفوهيللاتيبلاىلعبرض

.عبسةرايطلا

They struck the house where my brother was. I saw them,
about seven of them, I think, come down from the plane.

19 .ايوخأحارتلقانأضيبلاحارف

At that moment, I thought, my brother is gone.

20 تالدبنيسباليزيلجنإسيلوكسيلوكـلاةئيهلاتاذبانيبختانيجإ

.ينعييبرعدالبسبينهيسيلوب

We came and hid with that unit, the police unit, dressed in
English-style police uniforms, but in an Arab town.

21 يللاياهكيبابشلاوةرايطلاتبرضامل.اهاعمتتوفتيبىلعوتاف

طيحلايفبرضيكانهنمكابشلاتراصاذإ.انعكيبابشلاهلثم

.صاصرلالثمزازقلانوهنم

They came in and we went inside the house with them.
When the planes started bombing, the windows, like the ones
we have here, shattered. If a window was hit from that side,
the glass would fly through the wall on the other side; the
glass was like bullets.

22 .ةيحيسملاةراحهنأل،ةمسنلاةراحريغانلإيفاماولاق.اوعلطف

So they left and said, we have no choice but to go to the
Nasmeh neighborhood, because its a Christian neighborhood.

23 .ةيحيسملاةراحىلعانعلط

and so we went to the Christian neighborhood.

24 اله،ناريطدهعمتيبلابيكحيبمعدحاونهاوعمسنيتقوانحإو

.ةكس
And at that moment, we heard someone in the house saying
something about the air force institute, like planes were on
their way now.

25 هتافواهنيحلسمينعيةملزلا،بابشلاينمهفمكدالوأانأينعي،بابشلا

.ناريطلااوفقووهوذخأهوفقوسبتيبلاع

The young men, by that I mean the armed fighters, went
into the house, but they were stopped, taken away, and the
airstrikes were halted.

26–27 .ةثحلا.نيعلاطنإتيقليلهأتلاقف،هتيقلاميوخأتلقفانأتلزنأ

I went down and said I couldn’t find my brother, and my
family told me they had seen him leaving at the stop, the
place.

28 .ول

If..

29 .زورددلبءامسارفكىلعانعلط،قيرطلاىلعةتحلا

We reached a stop along the road, then we headed out to Kafr
Samaa, a Druze village.

30–32 يللإسانلانمانأ،ءامسأرفكـلاانوفقويوجأهقطنملالكولتحاوهيللإ

نيدعاق.ةعاسلك.80ةعاسلانم،غمصلانمسمشلابودعاق

.ةيداعتناك

They had occupied the whole area and came to stop us at
Kafr Asmaa. I was among the people sitting in the sun from
the morning, around 8 o’clock hour after hour, sitting there
as if it were normal.

33 .علطيبحيبيللااولاق،حبصلامويانعفد

They moved us out in the morning and said, Whoever wants
to leave can go.

34 يللإاندلبنمدحاواجإعلطتاهنإسانللاوحمسدوهيلاينعيعلطي

يلهأو،هنمرغصأانأوينمىعوأيعاووهانأ،كايوانأعلطنتحور

.اولغتسيينهاويقبنإتلق؟رغصأيدبوش،يدالو

Leave here means the zios allowed people to go out. A man
from our village came and said, Lets get out, you and I. He
was more mature than me, even though I was younger. My
family and children? What was I supposed to do? I said we
should stay here and wait.

35 ؟اويقبنينسلارفكييبكلهأويقب

Did your family, your father, stay in Kafr al-Sinin?

36 .حبصلاةقلظنوعيمسرفكبنه

They were in Kafr Sama, and we set out in the morning.

37 .عومدلالهأبانيقتلا.نيعلاطانحنو

As we were leaving, we met the people of (Al-Dumu).

38 .يشالومهفرعبالانأ،نابللايقالبنهنمو

And among them I found Laban. I didnt know them at all.

39–40 سوردلاهوسوقراعمنم.هأ،نمدحاولىدأنإقيرطلاىلعسب

اوناك،سوردلا.دلا،تاقرطلاىلعاندعاوناكيللاةدوميلاشم

اوماقيراصمعممئالمهوشتفاودعقفسانلاضعبينعي،اوحلشي

.ةرفسىلعهوفقوىلعمهطبرينيطسلففرعب85اوقبنهوشتف

But on the road it led to one of them they were from the
Druze of Maarr Qusuw, not the ones we used to see on the
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roads. The Druze used to strip people down and search them.
Some were detained and searched for their belongings and
money; I remember about 85 Palestinians tied up and made
to stand in a line on a table.

41 ،هوسوق،ريغصهيفشاشرلاشاشرلابلابهوصوقو،ةرخصىلعهوفقو

.نمازتعمو

They made them stand on a rock and shot them with machine
guns, small arms fire. They opened fire on them, at the same
time.

42 .راهنلانمالوهمساتفرعام

I didnt know his name, nor where he was from that day.

43 اوناكبيجنوبأ،يوخأرادتيقلتعلطانأ،نهايإوانحإانعلطهيإ

.اهتعبنيدعاق

Yes, we left with them. When I went out, I found my brothers
house, Abu Najeeb, and they were sitting inside it.

44 ؟ينعيبونجلاب.ب

Down south, you mean?

45 ،كانهنيدعاقاوناك،ربكأيللاياهشمنامكيتخأزوجيتخأرادو

.ةشينغىلعتعلطانأ

My sisters house, and my sisters husbands as well, not the
older one, they were also staying there. I went out to Ghan-
isha.

46 انقارمريدرسجعنكميةلمجلانمينعيةريبكتاقشمانأ؟ألاعبط

.الثمايرهنلاعنيسلجمونيلوتقمعبرأيفانيقل

Of course not. We went through very di�cult hardships.
When we reached Dir Marqana, we found four people killed
and left sitting by the river, for example.

47 .مهرشنمدحاو،نيفقاو،نييدوهيويدوهياوناككانه

There were zios men standing there, two of them, and one
of them was from among their side, from their own group.

48 مهلاولوقيساناجإاملك،اهبرقنمتنبلاو،اهقرشنم

From the east side, and the girl was nearby. Every time
people came, they would tell them

49–51 كاذهو،لفطنمصخش1500نملقيالهيلعناك.ليوطرسجلا

لهاكلارايتخالا،ريبكـلاةلبشلاهمسالفطلاوألفطلا.هومسيلفطلا

.همسا
The bridge is long. There were no fewer than 1,500 people
on it, children included. One child was called ’Shibl al-Kabir’
(the big cub), and the village headman the elder, the middle-
aged mukhtar that was his name.

52 .ىقبأنمانأمهلتلق؟انأ؟دلبيأنماذهاولأسيوانوشتفياودعق

They searched us and asked, Which village are you from?
As for me, I said, Im from Baqa.

53 .يتبقربهتبطرو.وناورشبيعاوأسساحانأ

I felt I was wearing a shroun (long robe/garment), and I tied
its edge around my neck.

54 .نوهلعجرينشتفيهدبناكو؟ةيدوهيلادلبلاىلعبسمأ

He swore at the Jewish town, and when he wanted to search
me, he came back here.

55–57 .يردصبهطحب.نيلجعوبأيبربةعست.هبنجهدرفدعس

Saad turned him to the side. Nine, I swear Abu Ajleen. I
put it in my pocket, close to my chest.

58 .رارم.كوشتيبعتداع.ملقينشتفامدعب

After they searched me, I got a pen. I went back and filled
my pockets with thorns, painful memories, and bitterness.

59 .تيسحامهللاو.هيفتيسحام

I didnt feel it. I swear, I didnt feel it.

60 دلبلا،خوريب،ةينالفلادلبلااولوقياوراصانأ،يوشاوشتفامدعب

دعاقمتحرامانأتنأف،ا،دلبلاةريساوباجام؟هيياحوريب.ةينالفلا

ىلاعتوهناحبسهللاوتيسنو،سانلاهنيبتيزف،ينودعقيىتحل

.خيشايمهفتك

After they finished searching me a bit, they started saying
things like this village, send them there, that village, send
them there. But they didnt mention my village. So I said
to myself, Im not going to stay sitting here until they decide
to detain me. I jumped into the crowd, and I honestly forgot
everything, may God protect us, as you wish, Sheikh.

61 .رونلاىلعانلصو

We arrived at Al-Nour.

62 بعشللتناكةريبكةاسأمكانهانأ،شيملاتلصوامدعبءاسملا

.ينيطسلفلا

In the evening, after we arrived at Al-Mish, there was a great
tragedy for the Palestinian people there.

63 Love your mind.

64 ةكربلانمتبرش،سانلاةكبدبيكيقسيادحام،يملايبرشتكدباذإو

.يشلكاهيفوريزانخلااهيفو،شراقاهيفيهيللا

And if you wanted water, no one would give you any, youd
drink from the pool where people and animals all gathered. I
drank from a pond that had dirt, and even pigs and everything
in it.

65 هبنجنم.نم.نممرحمماقصخشتفشانأ،نهومطأ،ميعرلاىتح

؟اذهيملاباهلبتلنطاهيفضخبمنكمي

Even the wounded, they treated them. I saw someone whose
side was injured, maybe badly, and they were trying to wash
it with that water.

66 دنعاتيعىلعتحرانأ.هشامربىقبةوقباشلااذهوانأتعلطام

.ينعيريبكـلايوخأ

I didnt leave with them. I stayed with that young man for a
while. Then I went to my older brother at Aita.

67 ،يشوأيلهأنماجإادحهنإلأسأشيمرعلايلزنإحبصلاموييناث

.انأىلعوعلطو،نوهنموقرمةسإكلهأيلوقيبدحاوالإو

The next morning, I went down to Al-Armesh to ask if
anyone from my family had arrived or if there was any news.
Then someone told me, Your family just passed through here
and went on to Aita.

68 .بونجلاباناق

Qana in the south

69 .نآلايبأنيدبرسبانأ،دنهلايف

In India, Im just supporting my fathers religion now
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70 ةيرحىلعةجيتننويعلايداولاوثيدحلايداولابعنتقمقرمبقارم

وبأراد،اندلبنمةليعونهنيدعاقينعيقيرطلاىلعهنإتيقلتيجإ

.ريفدلانيسح

A checkpoint passed through, and I was convinced about the
new valley and the valley of the springs. Then, because of
the situation, when I arrived I found that on the road there
were people from our village staying there, at Abu Hussein
al-Dafirs house.

71 اودويبمعيفهنإاولوقياوراصموييناتوانتبةليللاكيداهاندعقاعبط

.نمانودخويب،ايروسىلعحورتنيئجالينعي،ايروسىلع

We stayed that night and slept there. The next day they
started saying that people were being taken to Syriathat
refugees were being sent to Syria, that they would take us
from

72 نييشامانحنوانلصو،انضعبعمكانهيلهأوانأتعلطنمانأتعلطف

اذه،تيربكـلالمعمهايوانألغتشأتنكباشبتيقتلاانأ.ىلع

.ينعينانبليفهايوانأثلاث؟نيطسلفهيإناكنيمويلبق،مويلا

I left with my family, we all went together. While we were
on the road, I met a young man I used to work with at the
matches factory. That day, just a couple of days earlier, we
had been in Palestine together. Now, we were meeting again
in Lebanon.

73 .انأانلصواوقبإ،انلهأو،نيتقجلايشمنانرصو،انضعبانتطعأاعبط

Of course, we met up with each other and continued walking
in groups with our families. Eventually, we arrived, and I

74 ،ةيديشرلاىلع؟نيوىلعاذهنمانتذخأ،تاتسوبلاتجأموييناث

.روصع

The next day, the buses came and took us from therewhere
to? To Rashidieh, in Tyre.

75–76 .يرتةطحم،روصةطحم.ىلعانلزن،ةعامجايريبكـلااذهيوخأو

My older brother guys we went down to the Tyre bus station.

77 Is your train.انعلطfor you.

At the Tyre station, we got o� and then we headed out

78 .سلبارطانرصول.انتساينيرتلابانعب

We sold what we had at the train station, maam. Then we
ended up in Tripoli

79–80 .هللاونوهةطحملا.ةطحملا،ياه

Here, the station the station is right here, I swear.

81 زبخلاوشلمحيناكسلبارطبلاتعلاىتح،ناسنإلاريمضيكحأيدب

.سانللعزوي.لزنيو

I want to talk about human conscience. Even a porter in
Tripoli would carry a sack of bread and go down to distribute
it to people.

82 .مايأتالتاندعقانأ

We stayed for three days

83 .ينعيهللاةمحر.رودنغلاجحلااجإ

Hajj Al-Ghandour came, may God have mercy on him
(RIP).

84 ينمعطأيدبيللاانأ،ةلودلاالويناثعلا،ال،اللاق،نيلماكةملزالعف

.سانلالجسمهنذإدعب

A fully grown man came and said, No, no, not the authorities
or the state. I am the one who will feed you. Then, with
permission, he started registering people.

85 I wish feedback brand and، the surrey of aقرمتتلطب

نهنمتلكأانأ،اهيمعطولكأبءيشراصوتالئاعلالكلجس،ادح

.ياهةرتفلاهنممايأثالث

No one was passing through anymore. He registered all the
families and started providing food and feeding them. I ate
from that for three days during that period.

86 اوعلطيححيشرتلابنينكاسيللاوهحيشرتلهأهنإاولاقاوعجراعبط

كانهنمرثكأراصحيشرتلهأهنأل؟شيل،ايروسىلعاوحوريمهدب

.ايروسب

Of course, they came back and said that the people of Rashi-
dieh, those living in the campwould be sent to Syria. Why?
Because there were already more people from Rashidieh in
Syria.

87 .ةشارطلاعمانعلط.انعلطانحإ

We left. We went out with the buses.

88–89 نيسح.ووو.ايروسبينعيديمعةجردللصوهنباناكيللابوذجملا

.ديزوبأنامثع

The Majdhoub, whose son eventually reached the rank of
brigadier in Syria, and Hussein Othman Abu Zaid.

90 .هاعمانعلط،اهيشرطيبنينجاسهنإ،انكةلئاعسمخ،اعبط

Of course, there were five families of us staying in Rashidieh,
and we left with him.

91 ؟كليكحناندبوش؟سبنيولانوعزووعجرصمحلمايأتساندعأ

صمحبانمنيللاتيقل؟صمحبانمنيللاوش؟ينعي؟ةسمخعكليكحأ

تيبنمرثكأناككانهلمألاكلتلقول؟ديلولانبدلاخةنكسبو

،نمألاةعيافولمنتويبينعيلمنتويبينعي،يوشرثكأيلوق،لمن

؟يشيفهنإيسحتبينانبلتمهامدرجمينعي

We stayed in Homs for six days. Then they came back and
redistributed us, where exactly? What can I tell you? Should
I tell you about five (places/areas)? What we experienced
in Homs we found that even where we stayed in Homs, in
the Khalid ibn al-Walid neighborhood, I cant even describe
it fully. Let me put it this way: there were like ant houses,
very crowded, extremely cramped living conditions. There
was no real safety. Just hearing that someone was Lebanese
made you feel like something was happening (like tension
or risk).

92 .لسعلاهنأكيكيلعقرمب

I pass by you like honey.

93 .مدقنبامنمأمهيلعيقالبتعلطويتيعوأيتريغاذإو

And if you changed your clothes and went out, youd find
security forces on themwe couldnt move forward.

94 ؟نآرقلاىلعنوعزومأيتسسانلاةرطفاندعف

Then we went back. The people maybe they were distributing
the Quran?
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95–96 نيتيرقلمعبدعبت،ةينوباصلااهمسإدلبةينوباصاهمسإانتقطنمتعلط

.صمحنم،قرشللةلبقنم.يجيتاويشم،قارعلادودحينعي

The Saboonyeh area we went back to our region, called
Al-Saboonyeh, a village about two villages away, near the
Iraqi border. They were walking toward it from the east,
from Homs.

97 هرتفكانهلوقأاندعأ،هرايسلاصمحنعيديإنمتاعاس7يف

.اندلبنمدحاواجإروهشثالثيش

Its about 7 hours by car from Homs. We stayed there for a
period of about three months. Then someone from our village
came.

98 .وبألهتلخنوكتبوتمع،ةميانتناكهتمعذخوياجإينعيانبيرقنم

A relative of ours camehe came to take his aunt, who was
sleeping. His aunt would be his fathers sister.

99 .رايتخاينعيياعمتعلطانأ

I left by choice, I mean it was optional (not forced)

100 .نوهلجسييجيودبرمحألابيلصلاهيفلاقاهدخآ،يجاب

He said, Come, Ill take her, because the Red Cross is coming
here to register people

101 النهيفامكانههنأل،هللاولاحلايشام.مهلانرقمكذخأ،يجابتنك

.ثالثيشالويلغتشت

I used to come and take you (and bring you along), I told
them its okay. Honestly, it was fine, because there you couldnt
work or do anything.

102 .روهش

Months.

103 .روهشثالث

Three months.

104 ،هيفدوعيباماوترخأتاذإو،رمحألابيلصلاشلبلاقةملزلااجإ،هيإ

صمحبدعقنبقلهانلق،انوعجرينهدبانوفقوناكالليليجستتنإ

.يجاناندبنيرقللعجرنسب

Then the man came and said the Red Cross has started
(registration), and if youre late, there wont be another chance.
So we were stopped and they were going to send us back.
We said, Well stay in Homs for now, but well go back to
Al-Quraynwe have to go.

105 .سينوهلانباجهللا

God brought us here

106 .هسفنتقولابهسلهنيلماعيللاحلسملابنج

Next to the armed man they had set up, at the same time

107 .نوهلميخملااوباجةرتفكيهاندعق

We stayed like that for a while, then they brought the camp
here

108 ؟اولغتشتاوتنكوش؟اوتلغتشاوش،نوهلاوتيجإامتقوباج

When you arrived here, what did you work? What kind of
jobs did you do?

109 ؟لدعنانك

Did we used to do repairs / maintenance work?

110 فظنبخسولاريراجمبلزننراجحعلطنسحبعلطنشرولاانأسحب.علطن

.ناكانلغشاذه؟لغتشيودبوش

We used to go out. I felt like we were in workshops, wed go
out, break stones, go down into sewage systems, clean the dirt,
what kind of job is that supposed to be? That was our work.

111 راص،نوطبلاثكنتنمنوطبلاثكنتيللالاتعإلانمروطتنيدعب

.زمراوثحب،تارايسلابببحم

Then it developed, from working in concrete/brick hauling
jobsuntil he became interested in cars. it became more focused
on cars. They started searching for symbols

112 .ميخملاىلعوتيجإامدحل

Until you came to the camp

113 لزنبتنكانأ،ةريل1/4بنوهاولغتشياوناك،ميخملاميخملاانيجوىتحل

.ةلودلاانتباجانوجي

Until we came to the camp, they used to work here for a
quarter of a lira, and I used to go down the state brought us
here.

114 اجإامةياغلةنسنمرثكأ،ةنسنمرثكأةنسيشسلبارطباندعق

؟فيك51لاةنسلميخملا

We stayed in Tripoli for about a year, more than a year, until
the camp came in 1951

115 .تجإمكدخأيللانيمواوجإفيك.ميخملانعاوتيجإ

You came to the camp. How did they come? Who took you?
How did you get there?

116 ايندلاىتحشاندباماندبشاندب،مكيعوأاولمعحبصلاهجولابةلودلا

انعلطامدعب،رودنغلاهنأل،سانللرودنغلااهلمعيللاتايكاربلااولخي

.تايكاربمهلمعإانحإ

In the morning, the authorities came and told you to get your
things ready. They said they wouldnt leave the makeshift
shelters that Al-Ghandour had built for the people. Because
Al-Ghandour, after we left, was the one who built those
shelters.

117 يركسععقومهيإلثمينعي؟يلوقتكدبوش،ةناخساكلايأرهنأل

؟رحبلاةطرشعوميدقلايكرتلاشيجللنياكشيجللتاسكرب

Because it was called Kaskhanawhat can you say? It was
like a military site, military barracks for the army, originally
for the old Ottoman Turkish army and for the police and
navy.

118 ؟ينعيوش؟انأتايكرمبينعياهمسقتايكاربلمعينغام؟رودنغلا

فيك؟سارببلقباوتوفيمهدبةلئاع1200باتكلالوذه؟مالسإ

؟لودهاومانيمهدب

Al-Ghandour built makeshift shelters and divided them up.
There were around 1,200 families who were supposed to go
inside them

119 .رهشنمرثكأنهاودعقينعي،مهتوفاملبقءامسلاالإيضرامانأ

I didnt agree until the place was cleared, before they let them
in. They stayed there for more than a month.

120 .انيجإاندعبةيكربانيقلةلمجلانمانيجإانحنو،اهيفسانلاىلعأو

And the people were crowded at the top, and when we came
from the group, we found a shack left for us when we arrived
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121 .ريثكناسنإناك.هيلعهللاةمحر

May God have mercy on him, he was a very kind man.

122 نيدعاقانكاملاط،سانللعزويوينعيحبذيسانللحبذيدايعلاعاوناك

هنإرثكأسانللاهيطعييللامحللانكميالثمينعيلكشبناككانه

.ريثكمويلا،سانلااورتشي

During the holidays, he used to slaughter animals for people
and distribute the meat. While we were there, he would give
out a lot of meat, more than people could even a�ord to buy.

123 .هللاوريثكنجدناكاميزعسويبينعيءدبيدايعألا

The holidays would pass like that; he used to be very generous.
May God have mercy on him

124 .ريسلاةقيرطلاعاوتنإوادبأاوكنمعجشيادحام

Did no one encourage you while you were on the road?

125 عجراندلبنمدحاويفسانيفسب،تعجرامهللاوانأ،أل؟هيإيف

فيك،يوسأوشكللوقأ،صمحنمعجر،راتخملانيسحمسا

.ةيوشةريل35هلاولاق؟ناخدلااوناك؟هيإدقلأس؟عجر

No, I didnt go back, but some people did. One man from our
village named Hussein Al-Mukhtar went back from Homs.
Let me tell you what happened. How did he go back? He
asked about the pricesabout cigarettes? They told him: 35
lira.

126 اهرشنيونيطسلفلعجريريغقالطلاهيلعلاق،فقوننحننكـل

نيطسلفىلعصمحنمعجرو،هللاوةريل35هناقتوليكهنإ،هديرشب

.ينيطسلفلاهدعبوحاروضرمدخأعجرامال،نيطسلفلادعب

But we stopped him. He said: I swear I will go back to
Palestine and spread the news everywhere, if a kilo is 35
lira, by God. So he went back from Homs to Palestine. But
after that, no, he didnt continuehe got sick and died, and the
Palestinian story remained.

127 ؟قيرطلاىلعتادارووأتايفوتالاحعمراصنيياجوتنإوبيط

While you were coming, did any deaths or injuries happen
with you on the road?

128 ؟ادبأ

Not at all?

129 .نيياجوتنكيللاةعومجملاعمينعيفرعأامانأ.أل

No, I dont know. I mean, with the group you came with?

130 .ادبأ

Never / Not at all.

131 فيك؟ميخملاىلعاوتيجإفيكيليكحتكدب،ميخملاىلعاوتيجإبيط

؟اهوباجتجإ

Okay, you came to the camp. Can you tell me how you
came to the camp? How did they bring you?

132 ؟تارايسلاب

By cars?

133 .ليصفتلاب

In detail.

134 .اهيفانوطح.ةسردملابنجاسإدعوماهدخميللإضرألانيوانلزن

We went down to the land that had been designated for us,
now next to the school, and they put us there

135 .ريثك.ىتشريسيناك.مايألايجيامل

When those days came, a lot of di�erent things would happen.

136 رتكاهلإناك،اهوجرأيامكياملاتضاف،ءاتشلاراصموينمكأاندعق

يهوضرألايفرتكاهلإناك،فرعبامتنأ،انيعاوزنكمينامك

؟يهامرداوشلاتلتاافوج

We stayed for a few days, then winter came and the water
overflowed and they couldnt control it. There was a lot of
rain, maybe even storms. Im not sure exactly, but the water
was going into the ground and flooding the tents.

137 .يعاوألا

Clothes

138 .لتم

Like what?

139 ؟لصفتبام

Doesnt it stop?

140 ؟ةقطنملاياهبنيدعاقاوناك

Were they staying in this area?

141 ؟مهنمنيمآاوناكاسل؟ةماودلانيو

Where was the storm/whirlpool? Were they still safe from
them?

142 ةقطنملاىلعيبابلصلااوعلطلكشلاهنمتالغشراصوءاتشلاراصامل

.تحتنمانعلطانحنانمق،اهقوفيللا

When winter came and things like that started happening,
the Crusaders went up to the upper area, and we moved out
from below

143 املليللابناكرداوشلاةاسأم؟رداوشلا؟ةاسأم؟كليكحأيدبوش

.تحتاومانيوهعزميتاقوألاتلفيوأرباشلاعزمنيلصاوعموقت

What can I tell you? The tents were a tragedy. The tents
were a disaster. At night we would wake up, and because of
the strong winds the tent would tear or come loose, sometimes
it would rip completely, and we would still sleep underneath
it

144 الوفارحأالفرعأامانيطحاملوأ،ءادهشلللوألاببارحاولمع

.ريادهلاولمعيةلاكولاوناوسنلاتاصحفاوبيجياوراصنيدعب،يش

At the beginning they used to bury the martyrs quickly and
roughly. When we first settled, I dont really know about
tents or anything like that. Later they started bringing ex-
aminations for women, and the UN agency would handle
arrangements for them.

145 ،ةداهشلاهيلعقزمتييشإ،فصاوعتراصنإليللاهيدوتلفنا

ةاسأم،هيناثرداشباناريجدنعقطنييشإ،رداشلاتحتمانييشإ

.ةرتفلرداوشانوطعيومتينعي،ةاسأم،رداوشلا

That night things got out of control. When storms came,
some tents would tear, some people would sleep under the
same torn tarp, and some would go to neighbors in another
tent. The tents were a tragedy, a real disaster. They would
only give us tents for a limited period.

146–148 وطحيو؟شاشهسانلالمعي.اوراصنيدعبو.تاشعزبانهيللاهد

.رباشلاوطحيو،بصقاهيلعوطحي،وبصي،يلذاشلااهيلع

This here was just chaos, and then they started making tem-
porary shelters for people they would put ’al-Shadali’ over
them, pour in materials, add reeds, and cover them with tarps.
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149 امينعي.ريثكةريبكـلارداوشلابةاسأملا58لاةنسلةثالثللةاسأملابانيقب

سانلارثكأ،50وةينامثللةاسأمتناكامدقكلفصويردقيبادح

.ةروثلاتراصامل58لاةياغلرداوشلابتأدب

We stayed in this tragedy until 1958. The tents were large
and it was a huge disaster. No one can describe how bad
things were in 1958. Most people were living in tents until
1958, until the revolution happened.

150 لئاوألمعتردقتسانلاتراص؟نانبليفةروثلافرصناملف،نانبل

.ششخهرمعيو،ضرألانمراجعلقييشإونيطبطش

Lebanon, after the revolution in Lebanon, people were able
to start building basic houses out of mud, and they would
take stones from the ground and build them with wood

151 هضربنيزاهيلعوطحيو،ةراسكنيزعلطتةلاكولاةراسكنيزولمأو

تويبهتفشاذإهقحلتنكميينعي،ةبيجعيه،بيرغوكنيزلاةاسأم

.رانلاباوشنتمعكنأك،ةيتحتتدعقاذإيهفيكيز

And they would put zinc sheets from (UNRWA) used to
distribute zinc as well. The zinc (roofs) were a tragedy,
something strange. If you saw how those houses were, and if
you sat under them, it felt like you were sitting under fire

152 ىلعاوتلزناويجإسبوأاوتيجإ؟سب؟ميخملابمكمظنيللانيمبيط

؟ميظنتيأيفام؟نانبل

Okay, who organized you in the camp? Just that? You came,
did you just arrive and settle in Lebanon? Was there no
organization at all?

153 ،بالكعورشمباهدنعةلاكولاتجإاملوأينإبالكعورشم

،ورمع،يليبسعنههررق؟عورشملااذهرمعترمعتيوادتبيللافيك

.ميخملااذه

Project Kelab when the UNRWA first came to Project Kelab,
how did they treat and develop that project? They decided it
in my case and built this camp

154 رمعتهنإولينعي،ىرحألابهينطوشميهيللاواهدباميللاسانلاف

اهتايلكاهتذخأناكاهانيرتشإيللاضرألاياهانحإاندخأناكميخملا

عورشماذهاولوقياوراصسانلاسب،سانلايزتويبتلمعوةلاكولا

.مهتيلكاوناكنهولكشلاهنمتالغشونيطوتعورشموبالك

The people who didnt want it, and who were not patriotic, to
be honest, if the camp had been properly developed, we would
have taken the land we bought, and the UNRWA would
have taken it all and built proper houses for people. But
people started saying this was Project Kelab and a settlement
project and things like that, these were all rumors.

155 يوادبلابسانلاتضفر،اهرخآنم،ةلودلاءالمعوةلاكولاءالمعنم

.هلمع
Agents of the agency and agents of the state, in the end, the
people in Beddawi refused to implement it.

156 ؟هلمعةيطبنلاهيياهلمعةيبض

They did it in Dbayeh, and yes, they did it in Nabatieh as
well?

157 تذخأتنإينعي،ميظنتنودبينعيهلاحىلعميخملايقاباولمعامنوه

نوهانداجيإنمكرتشم20وانأ،تيبلااذهاهيففراعضرأةقش

.نيتريلبةوقلابهنمهتدخأمكعبتتيبلا،ةريل40ب

Here they didnt do anything, and the camp remained as it
was, without any planning or organization. You took a plot

of land and built this house on it. Twenty others from our
group and I bought land here for forty lira. As for your house,
you took it from him by force for two lira

158 شيدقاهايإكلفصويردقيبادحامريثك،ةريبكـلارداوشلاةاسأم

.اهسفنتناك

The tragedy of living in the tents was immense. No one can
truly describe just how terrible that su�ering was

159–160 شيمرلهأشيمرىلعاوتلزنسب؟نيينانبللافقومناكوشبيط

؟ماعلكشبنيينانبللالك؟اهوتلزنيللاقطانملانامكريغو

Okay, what was the stance of the Lebanese people? Starting
from when you arrived in Rmeish how were the people of
Rmeish, the people in the other areas where you stayed, and
the Lebanese overall?

161–162 انأمهدبامدقيكيقستبو،ةبروشلاقح،ينيطسلفشورق5وأنيشرق

ضفريلكلاو.ينعيالبسب،متبيلتبصنيشرقبرشيللاسانلانم

مه؟مهئيربإنميتبرشاذإتنإيفرعتبامةعيشلانيدعب.يكيقسيىتح

؟يكوؤسيب

Two or five Palestinian qirsh for soup, and they would serve
you as much as they wanted I was among those who drank
for two qirsh; they poured it into my mouth, but without
much care. And everyone would even refuse to give you
water. As for the Shia, you wouldn’t even know whether
you’d drunk from their water sources would they give you
water?

163 يللادلبلااملينيطسلفلاانبعشىتحهنأل،نهمولنردقنبامهضربينعي

.يقالتامعلطت

I mean, we also cant blame them, because even our Palestinian
people, when they leave their country, they find nothing

164 هتز،يساقلاريدلالبزلاهتزريدلابهنإفرعبانأهنأل،ةحينمةلغش

.برشتامسانلا،هناشنمىريبيللالبزلا

Its a good thing. Because I know that in Deir, even the harsh
garbage, the kind of garbage a person would be ashamed of,
people dont drink ( from it / near it)

165 .نيطسلفبياه

This is in Palestine.

166 كحيشرتباندعقانحنهللاوينعي،ريدلابدعاقيللاينعي،نيعلاطانحنو

.ةلماعمتناك

And when we were leaving, the people in Deir honestly when
we stayed in Tarshiha, the treatment was

167 .حيرشلالماكهلولوقيبراتخملانبادحاودنعينعينمددعتناك

There were some cases like one of the mukhtars sons, they
used to call him Kamil Al-Shar.

168 .هتمحربهمحريهللا.مرت�حمةملزناك

He was a respectable man. May God have mercy on him

169 ؟ةينيطسلفوأةينانبل،ةيركسعتاهجيأ

Any military sides, Lebanese or Palestinian?

170 .هوقحليهتعبيوريرقتبتكي؟نوهنماولتقسانلااومعطياوراصو

And they started feeding people were there reports of killings
from here? They would write reports and send them and
follow them up
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171 ؟نوهروديأهللاقهنإذاقنإلاشيج،بيط

Okay, did the Arab Liberation Army (Jaysh al-Inqadh) have
any role here?

172 .نالوجلاىلعاوحرطنيدعب،يوشببونجلاب

In the south a bit, then they withdrew to the Golan.

173 .اوراصنيدعبو،نالوجلابةرتفينعي،اوداعوشفرعبامنوجلاب

Then I dont know what happened to themso they stayed in
the Golan for a while, and then they

174 ،ةنسيشعلطيبدعاقنكمي،نالوجلايفناكهدبعليلخاذهنمينعي

اجإةناخساكلانمانعلطاملبقناكساكلاىلعاجإنيدعبو

.نزوجت

So Khalil Abdo was in the Golan, maybe he stayed there
for a year, then he came to the Kaskhana. Before we left
Kaskhana, he came and got married there

175 ؟ئجال.ينيطسلفلابعشلاهتاسل

Is the Palestinian people still considered refugees?

176 .نانبلىلعتلزناملوأ

As soon as I arrived in Lebanon

177 .نويدنهلإاولوقياوناك،انعةقطنملايفنوه

Here in our area they used to say they had debts.

178 ؟ةصقلاهذهنعانليكحأ

Can you tell us about this story?

179 .يفىتحنويدانلإاولوقياوناك

They used to tell us that we even had debts up to

180 ناخلانيو،دعاقدحاوكيهيفناك،نابللايفال،راصيللاةلمجنم

ناكف،يعرملاكيبمظانمظانهمسا؟كيهدعاقناك،ناخلابنج

هنأل،رحبلاطشىلعكيهوحوريةيرتخاضعبووهعلطييفالاذه

اوجلاوتوفيينوفوشيسبينعيتلفساعراشينعيكانهقيرطيفناك

اودهياولوقيبالويفالانيلعىدانمويف،مهتويبىلعاوتوفيجراخلاىلع

.انلثماوكحيبيللا

Among the things that happened, there was a man in Lebanon
sitting near the khan, his name was Nizam Bey al-Murri.
He used to go out with some of the mukhtars to the seashore,
because there was a paved road there. They used to see us
passing by and going back into our homes. One time he called
out to us and said they should silence people who talk like
us.

181 ؟عباتتهيدقلضفت؟هللاق؟وشهللاق.تيراي،لاعت،لاعتهللاق

He told him: come, come, I wish you would

182 داعراص،انيلعبتكانبرسبةجرد1,000,000مكنمىعوأانحإ

؟حوريويجيوحوريوينعيهبحصراصيوهيبحص

We are a million times more aware than you, but God has
decreed our fate. He became my friend, they became friends,
going back and forth, coming and going

183–184 ؟انانبوأدالو؟48لايجيدعب؟ةرجهلادعبةوخإيأكلراصبيط

؟يفامال

Okay, did you have any siblings after the migration, after
1948? Children, daughters? None?

185 .الريثك،ةوخإدالوسب

Only nephews? Many? No?

186 .مهئامسأفرعنناشعةوخإيدب

I want to know the brothers so we can learn their names

Interview 4637

Summary

لعفببعرلاوفوخلامهمهادثيح،ةبكنلالالخريجهتلاراسمرَواحُملاةبرجتيورت

ىلعاظًافحيعامجلابرهلاىلعتالئاعلاتربجأُف،نيمجاهملليجراخلامعدلاوتامجهلا

ملأطسو،رداوشلاوميخلابةتقؤملاةايحلاةرارماوشاع،حوزنلادعب.)q1,q2(مهتمارك

ةهجلاتادعاسممغر.)q3,q5,q6,q8(شيعلالبسنيمأتةبوعصورمتسملذو

تاليونعتادعاسملاهذهضوعُتملوةاناعملاتلظ،ماعطوىوأمريفوتبةيثاغإلا

قّمعاممناكسلاضعبنمةنيهموةيساقةلماعمهجاو،ءوجللاناكميف.)q4,q8(ىفنملا

نأونطولانعيرسقلاقارفلاملأبرعشيرَواحُملالازام.)q7(نامرحلابروعشلا

،تاتشلامغرهدادجأديلاقتوتاداعبةوقبكسمتي.)q10(هنعًامغرناكهنمهجورخ

ةايحاضًفار،هضرأوهتيبىلإةدوعلاملحهيفلغلغتي.)q9,q12(هتيوهةزيكراهاري

.)q11(نطولايفهرمعمتخينأىنمتيوةصقانلاىفنملا

The interviewee recounts the displacement journey during the
Nakba, where fear and terror spread due to attacks and external sup-
port for the attackers, forcing families into mass flight to preserve
their dignity (q1,q2). After displacement, they endured the hardship
of temporary life in tents and tarps, with ongoing pain, humiliation,
and difficulty securing livelihoods (q3,q5,q6,q8). Despite relief assis-
tance providing shelter and food, suffering continued and these aids
did not compensate for the hardships of exile (q4,q8). In the place of
refuge, they faced harsh and humiliating treatment from some locals,
deepening their sense of deprivation (q7). The interviewee still feels
the pain of forced separation from their homeland, believing they
left against their will (q10). They strongly hold onto the traditions
and customs of their ancestors despite displacement, seeing them as a
core part of identity (q9,q12). A deep desire for return to their home
and land persists, rejecting an incomplete life in exile and wishing to
end their life in their homeland (q11).

Key Facts

q1. ىلعافوخمهقطانمنمبورهللاورطضاهتعامجوهتلئاعورَواحُملاصخشلا

.ةيجراخةهجنممعدوةحلسمةعومجمعيورتببسبمهتماركومهتايح

The interviewee, his family, and his community were forced to flee
their areas out of fear for their lives and dignity, due to intimidation
by an armed group and support from an external party.

q2. ميخلاتحتةلصاوتملاةاناعملاوديدشلانامرحلابتزيمتريجهتلادعبةايحلا

.ةلذمفورظيفمهمويتوقنعاوثحبينيروبجمسانلاناكثيح،رداوشلاو

Life after displacement was marked by severe deprivation and ongoing
su�ering under tents and tarps, where people were forced to search
for their daily sustenance in humiliating conditions.

q3. ،ةيساسأداوموتقؤميوأممهلمدقتةثاغإةهجنمامعداوقلتنوئجاللا

.هتابوعصتلحالوىفنملاةوسقضوعتملاهنكـل

The refugees received support from a relief agency that provided them
with temporary shelter and basic supplies, but it did not compensate
for the harshness of exile nor solve its di�culties

q4. اهدجوو،ءوجللاناكميفتاعمتجملاضعبةلماعمنمةرارمبرعشيصخشلا

.ةيناسنإريغوةنيهم
The person feels bitterness from the treatment by some communities
in the place of refuge and finds it humiliating and inhumane
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q5. ديلاقتودادجألاتاداعبةوقبكسمتمصخشلا،نامرحلاوريجهتلاةوسقمغر

.ءامتنالاوةيوهللزمركةليصألاةفايضلا
Despite the harshness of displacement and deprivation, the person
strongly holds onto ancestral customs and authentic traditions of
hospitality as a symbol of identity and belonging.

q6. هضفروةدوعلابمئادلاملحلانعرّبعيو،نطولاقارفىلعحدافملألمحيصخشلا

.ةصوقنملاىفنملاةايحل
The person carries deep pain over separation from the homeland and
expresses a lasting dream of return and rejection of an incomplete
life in exile.

Interview 4637 — Amqa, Nahr al-Bared Camp, Lebanon

1 .قمعىلإدوهيلا

The Jews into the depth

2 اهتايلكشبغلالهأونوندلهأودوهدخيشلالهأوتاكلالهأدجأ

.همعىلع

find the people of Al-Katt, the people of Sheikh Dahoud,
the people of Dannoun, and the people of Al-Ghabashall of
them are on the same side / under one aunt (meaning: same
group/lineage context

3 .دوهيلانميمراه

A Jew is a nomad / from the Jews.

4 لخاداملثميشلاسفننامكبيوراهيلعلخدوحرشأمعو

.لهأوةيعطقلالهأوداكوكـلالهأىلعبعرلا

And Im explaining and Ruwaib also entered it the same
way, like how fear entered the people of al-Kokad and the
people of al-Qatia and the people of

5–6 .ةبسنلاب،براكلاعوقو؟رعمنماهتجيتن

What was the result, from Ma’arr? The disaster came about,
regarding

7 دووادخيشلاو،ةيشبغلاوتاكوكـلاو،اهلكةعيضلاياه،ياهكارتشإ

.انيلعلخد،ةكرعملاهذهيفنيكرتشماوناك

All the people of this village participated, and al-Kokat, al-
Ghabshiya, and Sheikh Dawood were all involved in this
battle, and it entered upon us

8–9 يثيدح؟ينعيهيإةحلسأبندمومعدلا،دوهيلامعد،زيلجنإلاهيإ

؟انتحلسأنعفلتخت

Yes, the British supported the Jews with weapons and assis-
tance their weapons were di�erent from ours.

10 بعشلاو،بعشلابولقب.ببعرلااوعقوو،ةقطنملاىلعاوردصيس

.هضرعىلعوهتماركىلعافوخبرهيوبحسنيينعيىفص

They used to attack the area and spread terror in peoples
hearts, and people would withdraw and flee out of fear for
their dignity and honor.

11–13 .انريغيشمانيشم،ةبسنلاهبولكشلاهبةعلطلاياهانعلطاهتمهفنمو

ةمجنمنيبعشلاياهانبعشنإانضرعو،انتماركىلعافوخو،اباسح

.سانلاياهباحسنإلاوسانلاياه

From that understanding, we left the way others did, out of
fear for our dignity and honor we withdrew like the rest of
the people, out of calculation and fear for what we held dear.

14 .ريدلاىلعانعد

They left us in Deir

15 My dna remain.

16–18 .بصاوعلاوحارجألاو.ورداوش.بعشلااوملسياوراصورداوشامو

.بعشلاعمادجةمهمةلاحتناكيلاحو.رداوشلاريطت

There were no tents at first, and then they began handing
them out to people tents amid wounds and storms. The
tents would fly away, and the situation was very hard for the
people.

19–20 امدحل.لمألائدابيفينيطسلفلابعشلامومهلاومالآلاشاعامايو

.ةلاحلاهذهلمايألاهذهلانلصوت

The Palestinian people lived through so much pain and hard-
ship in the beginning, until we reached these days and this
situation.

21–24 تناكيللاداوملاهأب.ووأ.اهنيحطيبو.اهرداوشباورنألا.انتقالع

؟ينيطسلفلابعشللهبيجت

Our relationship with UNRWA with its tents, its flour, the
supplies that were brought for the Palestinian people.

25–28 تحتو،ميخلاتحتباذعو.مالعألاانيشعامايف.رداوشلابانتنكشو

.دحاولاعابطشو.رداوشلا

They housed us in tents, and we lived through so much pain
and su�ering under tents and tarps and a person’s very nature

29–30 هتيبلهأوهدالوةشيعم.هنمجتنيولمعىلعروديهدبهنإموكحم

.هتلئاعو

He is forced to look for work and earn from it, for the liveli-
hood of his children, household, and family.

31 ؟تناكةلكشميأب

In what kind of problem was it?

32 ب.ببرشياذه،شفرلانمبرشياذه،ةيروتبلالغشياذه

.ةقاشلاضارتعإب

This one works in construction (or hard manual labor), this
one drinks from the ladle, and this one lives through hardship
and di�culty.

33–35 لغتشأيدبالإتركفاف؟لمكأيدبوش؟كملسأيدبوشايصخشانأ

ةرعببمحللاضعبب،لجعلاب.يرشعوعيبأترص،دامحللابو.لايف

؟بيلحلا

Personally, what should I tell you, what should I go on about?
So I thought I would work in the ’Lahmad’ (a place/market)
I started selling and making a living: cattle, some meat, dairy.

36 ،يتيبرتسأو،يتيبةشيعمعلطأليدهجنوكيىمعأو،ىعشأو

،يتيبلبقتسمو

And I struggle and work hard to earn my familys livelihood,
protect my household, and secure my familys future

37–38 هذهلانلصوتهنإ.ياهيفوتالاحلاهذهيفاناعمليوطتقوتلكأو

.مايألا

And we spent a long time su�ering in these situations and
others, until it brought us to these days.

39–44 .بنذةايحب.ةايحب.باندوجول.ينجحميو.بيئكـلا.مايألا.يزهنإ

.داهطضاو

It’s like the gloomy days and it weighs me down that we are
living a life of guilt and oppression.
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45 نبالودمحنبامينيطسلفلالذلاوداهطضالاباهشياعيللايتايحيف

.عط

In my life, lived in oppression and humiliation, there is noth-
ing to be thankful for or tolerated in Palestinian life.

46 ؟هلمحياوردقيبقولخميف

Can any human being endure it?

47–48 بهبهينأينيطسلفلابعشلاىلعبجيلوقبواهددربامئادانأف

هذهانلاولماعتبمعمتنأ،ابايهنألككةيبرعلاةمظنألابلاطيوةدحوب

نيرداقشمواننمنيطوغضممكناكاذإشيل،لكشلاهبةلماعمةداع

نممصلخو،رحبلايفانوتدجو،رخاوببب.ب.بانولمحت.انولمحتت

.نمو،انمه

So I always repeat it: the Palestinian people must rise in
unity and demand of all the Arab regimes, ’Why do you
treat us like this? If you feel pressured by us and cannot
tolerate us, then take us away on ships, throw us into the sea,
and rid us of our su�ering and of’

49–50 .نينطاومةلماعم.انوبسنتنكنإامإاي؟انعدمنم؟نم

Who is even claiming us? Either grant us nationality and
recognize us treatment as citizens

51–52 معناسنإلااذإ.اذإ.اذإيللاةبيئكـلاةلماعملاياهانولماعتىتحلشيل

.ومعنيب.فوشيبالوهنبإفوشب،ةوخأالفوشبامتومب

or else why treat us with this miserable treatment, where a
dying person sees neither his brothers, nor his son, nor anyone
not even his uncle.

53–57 ةلماعملاوءالخألا.عم.نانبليفاهانلخد.ةايح،انلام،انتايحهذه

.ةيناسنإمدعوةيناسنإةيحاننمةيضرمريغو،ةلوبقمريغ.تناك

This is our life we don’t really have a life. We entered it
in Lebanon, and the displacement and the treatment were
unacceptable, unsatisfactory in human terms, and inhumane.

58–59 .رتعيو،ربكىلإاتيعو.نمانلقتنانيدعبمث

Then afterward we moved on from W’eeta to Keber, and
Ya’tar

60–63 ئدابنم،ايناسنإوايقالخأحلصأاماعونعايذلاهذهبيدمنامكنيبو

ينعيهحرش.ةيوشيفةدمانيضمنامكىلإانلقتنانيدعبمث،لمألا

انلصوتامدحل،رمألايداب.نعيوشةلوبقمةلماعم.ةلماعمايقالخأ

.ميخملااذهل

Our conditions were somewhat better, morally and humanly,
at the start; then we moved again, spending a period in
Shouaya the treatment there was somewhat acceptable and
so on from the beginning, until we arrived at this camp.

64–65 .درابلارهنميخمىلإيلاوطيلاوط.تناكهذهو،انتايحتناكهذهف

So this was our life and from there, straight to Nahr al-Bared
camp.

66 .رداوشلاباندعقوانوملس

They handed us over and we stayed in tents

67–68 .ةايحلا.يضمنوشيعنانأدتباو

And we started to live and carry on with life.

69 .رداوشلاوميخلاتحتمؤملاهايحلاومومشملا

The hardships and the painful life under tents and tarps.

70 ريصيهآانايحأهنإثيحبايئاهنادبأةايحاهلام،رداشلاةايحهنأل

،نايحأهتبسهنإهآ،نايحألانعنع.نعرداش

Because life in tents is not really a life at all, completely, to
the point that sometimes the tent sometimes it gets torn or
breaks down

71–72 .نينسلايسايسلاو.بوشلاوومحلاطغضلايقالن

We face the pressure, the heat and the sun and the political
years.

73 .اهنمملأاهيفامنذاشلابناسنإلاةايحتناك

Human life in the tent had no hope in it

74–75 .ةجيتنل.انلصوتو.انعىلاعتوهناحبسهللامجحي

May God Almighty protect us, and may we reach some
conclusion.

76 .اهيفانلكشواهيفنيشياعايلاحىشإيللاتويبلاهذهءانب

The building of these houses in which we currently live, and
in which we shaped our lives

77–78 .72لاةنس.72لاتنسانأ

I was born in 1972 the year ’72.

79 .نيصرفبةيدهتناك،ةريبكـلاتخألايف

The older sister was a gift in two ways

80–81 نمرثكأينبحتتناك.كتبيرغ،بحم،بحمرغصنميلإلبحمو

.اهتبحملافوشنو،اهلكيتوخإ

She loved me from childhood, a remarkable love more than
all my siblings, and we felt that love.

82–85 ةقفاوميلوتعب؟672؟ةقفاوميلاولمعي.يلاولمعياهدالوأةمحريلإ

.ندرألاقيورتنعتيجنم

May God have mercy on her; her children still do things
for me Was it approved for me? They sent me an approval
reference 672 from an authority for clearance through Jordan.

86 ىتحلحصنلاقدنفبمايأةرشعنعابيرقتيلاوحندرألابتنلعأ

.يناجأ

We stayed in Jordan for about ten days in Hotel Al-Nusuh
until I received the reply.

87–88 اهحيشرتىلعاندنعلتحرو،اهيلعتلخدو،ليئارسإلبقنم.لا

.بيسايرفكو

From the Israeli side it was approved, and I went back to our
area, to Tarshiha and Kafr Yasif.

89 .مون20يشيدنعتدعو

And I stayed there for about 20 days

90–91 .اهقمعىلعينوذخأيىتح.اولواحو

And they tried so that they would take me deep inside.

92 .حورابالولصبامأ.معلاهيفريثكاودش

They insisted a lot about my uncle, but I either dont insist /
or Im not going / (sentence unclear)

93 ىلعقورحمديعبنميبلقاذإ.يلاخاي.دلاخايشيلام؟يلاخايشيل

.همع
Why, uncle? Why, Khaled? Uncle, my heart from afar is
burning over my uncle.
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94 فيك.ةهبجلاالإاهيفمورمدمأمعدهاشأوةمعلاحرطأيدبديكأ

الواهمعىلعلزنأشتنكام؟ةطقنلاياهلجأل؟يلاحيفريصيودب

.اهمعىلعلصأ

Of course I want to raise the issue and see a devastating reality,
with nothing but the front line. How will my situation become
because of this point? I wouldnt have gone down to it or
reached it

95 .كحمرويدنعموي20يشتينمامعم،اريخأو

And finally, I stayed about 20 days with me, and I returned
you

96–98 هدكلبق.نامك؟ةقفاوم،ينوتعبتدوع.تدر.نيرشتناكيبأ

.ناكنيشت

My father was in Tishrin; I returned, and they sent me an
approval and before that too, it was Tishrin.

99 .يبنلاىلعالإتحرهآ.ندملاىلع

I went to the cities, yes, and I went except the Prophet city
(referring to Jerusalem)

100 .شيمانب،يتخأدالوأيعاوأينوطيخ

They made me sew/clothe my sisters childrens clothes, and I
couldnt sleep

101–103 ،شرقلاىلعتعلط.لاىلعتعلطيلعيعاوألااولصفامدعبنمو

.ب.براهنلاكاذهتيضمو.ىصقألاعماجبجب.لابتيلص.تيلص

.سدقلاب

And after they made the clothes for me, I went out to al-
Qirsh and prayed at Al-Aqsa Mosque, and I spent that day
in Jerusalem.

104 .يتخأدنعلحيشرتللانعجرموييناتو

And the next day we returned to Tarshiha to my sisters place

105 سلبانىلعءاوسيشيش،ادبأدلبىلع.ىلعحورأتنكام،اهريغو

.سبسدقلاىلعو

Other than that, I never used to go to any city at all, except
Nablus or Jerusalem only.

106 .ياعمراصيللااذهو

And this is what happened to me

107 ؟راوشملاكادعأب

Shall I recount the journey for you?

108–109 ،نامكنينسثالثيبأهتحريللااذهريخألاراوشملا.ءيشلاسفنو

.سدقلاىلعو.سفنىلعالإشتحراميشلاسفن

And the same thing on the last trip I made my father was
there, three years ago it was the same; I only went to the
same places, and to Jerusalem.

110 .ينودقيىتحلليلقريثكاولواح،يتخأدالوأاولواح

My sisters children tried a lot, but only a little, to support-
/assist me so I could manage.

111 .حوربام.امنوهو،نوهونوهىلعوندملاىلعينولوجيو

And they take me around to cities, here and there, but I dont
go to this place.

112 يتخأدالودنع.دنعمويرشعنثاةرشعلاع،لاعتيضم.يبالو

؟هحيرصتب

I stayed about ten to twelve days at my sisters childrens place
with a permit

113–119 .اهيلعدوعأ.يتبغو،هأ.يتاينمت.نيطسلفلدوعلاةيحاننم.ةياهنلابو

يفاعباشنطاومتنكامكنطاومةايح.رمعلاةيقبورمعلااهشيعو

.نيطسلفضرأىلعالإتومأامو.نيطسلف

And in the end, as for returning to Palestine my wish was
to go back and live out the rest of my life there, the life of
a citizen, as I was a young citizen in Palestine, and to die
only on Palestinian soil.

120–121 ،أل،يتيبنموينطونممورحمنوكأو.عجرأأ.أ.يدباذإنكـل

،ينطونمويتيبنممورحمنوكأيدباذإ،نيطسلففرعأيدبام

.ليلقالوريثكبال،نيطسلفىلعاهبعلأيدبام

But if going back would mean being deprived of my homeland
and my house no. I don’t want Palestine on those terms, if
I’m to be deprived of my home and my country, not in the
least.

122–124 .نيطسلفىلعينديعيبو.بيصنبكبىلاعتوهناحبسهللاباذإامأ،ايئاهن

.ينطول

Not at all but if God Almighty wills it, it will be destined,
and He will bring me back to Palestine, to my homeland.

125–126 رمعلااهتيقبوينطوىلإويتيبىلإدوعأنأ.يتينمويتاينمتيداهيجيبو

يتاينمتياه.ينطوضرأىلعو،ينطوبالإتومأامو،ينطوبب

.يتينمأ

And these are my wishes and my longing: to return to my
home and my homeland, to live out the rest of my life in my
country, and to die nowhere but in my homeland, on its soil.
These are my wishes and my dream.

127 .مالسلاو

Peace be upon you.

128–129 جورخيلعتلعج.جرخامدنعجرخمىقتلاةكمنمجورخللشيرقامل

انأنكـل،يلعزيزعايهللاو،يلعيلاغايهللاويكمايلاقوةكمنم

.ينمررق،ىلعتمغنا

When Quraysh left Mecca, they met someone on the way
out who said: ’O Meccan, by God you are dear and precious
to me but I was forced into this.’

130 نكـل،انيلعبعصامنطونماجورخهيفيشفننامكانحناذكهو

يللانممعتنيهللا.انطونمجورخلا.انتدارإمغرانمغترإانمغترإ

.اننطولهنمانوجرخأوانجورخبببسناك

And thus we also left our homeland; it was not easy for us,
but we were forced to leave against our will. Leaving our
homeland. May God take revenge on those who caused our
departure and drove us out of our homeland.

131–134 What.همحريهللا.مومعحتافناكيللابعوضوملا i need that one

journeyرشعنبااااانهنم.ةوهقلايفتعلطوهدنعناكيللا

تناكيهيللاةبكنلاعانيفتلحامةياغلاهيفعلوتمتيقبونينس

ببسناكنملكنم،ناكلكنميهتنيهللاهنعاندعبإو.ببس

.ةوهقلااهيفعلوتيبو.انطونعانداعبإل

It was about the one who first opened it, may God have
mercy on him and I would go out to the café. I was ten years
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old then, and I stayed attached to it until the Nakba befell us,
which was the cause. They kept us away from it; may God
take revenge on everyone who caused our displacement from
our homeland. And so co�ee became bound up with all of it.

135–136 .وهأ،دلبدعقأضرأيفامو،اهلامعتسإىلعبظاومانأو،نآلادحلو

.دبأللةبسنلابيذه

To this day I still keep it up, and there is no land where I
can settle this is forever.

137–138 ،ةوهقلالامعتسإىلعو،ةفاضملاىلعبظاوملازأال،نآلادحليندعب

ثارتللوةليصألاوةيبرعلاديلاقت.يتيبلخديبدحاولكماركإىلعو

ىلعبظاومو.واهيلعظفاحمبناجأاليندعبهأ.اندادجأوانئابآ

.اهلامعتسإ

To this day I still keep up the guest-room tradition, the serving
of co�ee, and the honoring of everyone who enters my home
these authentic Arab traditions and the heritage of our fathers
and grandfathers. I still preserve them and continue to practice
them.

139 .اهلابدعقأينإنكميال،ةايحلاديقىلعانأاملاطلازأالو

And I still am, as long as I am alive, I cannot abandon it

140–142 خيرات؟هيإبينركذتبهذه،امئادلبقتسمللويلإلةبسنلابهطقنلا

،ةليصألاةيبرعلاديلاقتلابو.يوبأةايحعبتيعبتيضاملانيبويتايح

لك،طافشتاداعلاهذهتناكهنأل،ةليصألاةيبرعلائدابملابو

ناسنإلكلةوهقيقشي.وووهفيضمركيوووو.تيببحاصدحاو

.ووهذهاهالبدعقنردقننكميالو.هتيبلخديب

For me, this now and always recalls my life story, my past
and my father’s life, and the authentic Arab traditions and
principles; for by these customs every household head honors
his guest and serves co�ee to everyone who enters his home,
and we cannot live without them.

143–144 ثارتلانمهذههنأل،ةايحلاديقىلعانحإاملاط؟انتويبنماهكرتن

.اندوجوانئاباهلةميدقلا

Would we ever cast it out of our homes? Never as long as
we live because this is part of the old heritage of our fathers
and of our very existence.

Methods Appendix
Extracting named entities
In order to extract named entities, we use the CAMeL Tools
library (Obeid et al. 2020). In particular, we used the CAMeL-
Lab /bert-base-arabic-camelbert-msa-nermodel avail-
able on HuggingFace to conduct flat token classification. In-
oue et al. (2021) describes this model as having an F1 score of
74.1 on dialectal Arabic (under which Levantine Arabic falls),
which is sufficient for our purposes given the complementary
nature of our analyses.

Defining the Themes
Overall, the Table of Contents (TOC) headers contain over
3,000 entries. Unlike keywords and other entities in the meta-
data, which required selection from a specific list of entities
Sleiman and Chebaro 2018, the TOC headers were largely left
to the discretion of the archivists. Each interview is unique;

the flexibility of the headers allows for a broad characterization
of an interview’s content without imposing a strict classifica-
tion system. This means that although many headers are very
similar, there is no unique categorization of TOCs.

To generate the themes, we first took a random sample of
the headers in English and then prompted gpt-4o OpenAI
to generate a list of potential themes to cluster the exemplars.
This followed an approach similar to QAEmb, where a large
language model is prompted to generate a rubric Benara et
al. 2024. We used this as a starting point for manual curation,
adding and modifying themes and relocating exemplars as
needed.

In the end, we arrived at the following themes:

Childhood and Family Life Experiences and memories of
childhood and family life, including upbringing, education,
community interactions, and daily life before displacement.

Education and Intellectual Life Educational experiences, cur-
ricula, teaching methods, and intellectual pursuits both
within Palestine before 1948 and among the Palestinian
diaspora.

Community Life and Social Dynamics Community struc-
tures, social customs, celebrations, and dynamics within
Palestinian towns. Mostly represents community pre-Nakba.

Zionist Attacks During and After the Nakba Zionist attacks,
occupation, and conflicts; during and after the Nakba, in-
cluding invasions, occupations, massacres, battles, and their
effects on Palestinians.

Exile, Expulsion, and Displacement Accounts of expulsion,
exile, and displacement during the Nakba, detailing the
journeys, hardships, and experiences of leaving Palestine.

Socio-Economic Life and Conditions Examinations of socio-
economic conditions before the Nakba, including employ-
ment, agriculture, economic activities, social relations, and
health care in Palestinian communities.

Cultural Life and Folklore Explorations of Palestinian cul-
tural life and folklore, including traditional songs, customs,
and stories.

British Mandate Colonialism and Occupation Discussions
of the British Mandate period (19201948), focusing on
British administration, policies, the role in Zionist colo-
nization, and Palestinian resistance prior to the Nakba.

Resistance and Popular Struggles Accounts of Palestinian
resistance movements and popular struggles against colo-
nialism and occupation.

Women’s Roles Exploration of women’s roles in society, in-
cluding contributions to community rebuilding, activism,
rights, and political involvement during displacement.

Agriculture and Land Descriptions of agricultural practices,
land use, and the importance of agriculture to community
life in Palestine before the Nakba.

Reflections and Final Thoughts Personal reflections on the
refugee experience, aspirations for the future, attempts to
return, and thoughts on migration and displacement.

Refugee Life and Conditions Examinations of life as refugees,
focusing on living conditions, education, aid, social condi-
tions in exile, and discussions on the right of return.

https://huggingface.co/CAMeL-Lab/bert-base-arabic-camelbert-msa-ner
https://huggingface.co/CAMeL-Lab/bert-base-arabic-camelbert-msa-ner
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We then classified all TOCs using a multilabel approach
by manually annotating a sample of 340 headers. For classi-
fication features, we embedded the headers using instructed
embeddings with the instruction: “Represent the Interview
Section Header for classifying its main theme.” We used a
test split to compare the performance of different multi-label
models, with a one-vs-rest Support Vector Machine Classifier
(SVC) yielding the best performance, achieving an AUC of
0.98. We also conducted a qualitative spot-check of the results
to verify that the assigned themes were appropriate. Table 3
contains the list of curated themes and the associated number
of interview TOCs that were classified as belonging to the
theme.

Table 3. Themes and count of interviews headers with such theme, roughly
corresponds to the number of interviews that contain the theme. In bold,
we note the themes that we focus on for analysis, as those are both more
related to the Nakba topically and are prevalent as well.

Theme TOCs count

Zionist Attacks During and After the Nakba 714
Community Life and Social Dynamics 697
Cultural Life and Folklore 580
Exile, Expulsion, and Displacement 548
Resistance and Popular Struggles 505
Socio-Economic Life and Conditions 327
British Mandate Colonialism and Occupation 259
Refugee life and conditions 255
Childhood and Family Life 233
Agriculture and Land 140
Reflections and Final Thoughts 51
Women’s Roles 40
Education and Intellectual Life 27

Thematic Embeddings
To capture additional semantic similarities beyond those es-
tablished from the POHA metadata, we utilized embeddings
generated by Large Language Models (LLMs). Given that
individual sections specified in the Table of Contents (TOC)
headers could fall into multiple themes, we designed our ap-
proach to focus the embeddings on specific themes. This was
crucial because themes in personal narratives often intersect;
for instance, discussions of expulsions are frequently preceded
by accounts of Zionist attacks.

An important note on the generated classification of the
TOCs by theme is that a given header can be classified into
multiple themes. This opened up to analyze even the same
excerpts, focusing on different themes. It is also the case that
not all interviews possess excerpts classified with all themes.

As mentioned in the main body, we used a procedure
where we separated the process from transcripts→ similarities
in distinct, simpler to validate steps. The following section
describes additional details for the steps.

Generation of summaries
The first step involved taking the interviews and transform-
ing them into a version that we denote a theme-centric and
experience-centric summary. The process is roughly as fol-
lows: We take an interview and a theme, and we then combine
excerpts from the TOCs classified under that theme into a
single excerpt. We then used a crafted prompt to extract a
summary of the interview according to the theme, generating
them with gpt-4.1 (OpenAI 2025) at the default temperature
of 1. We chose this model for its larger context window, which
let us summarize longer thematic excerpts without splitting
them. The prompt aims to generate a summary that focuses
on the interviewee’s experience regarding the theme. And it
covers 3 main parts:

1. Quotes with explanations: Extract relevant quotes to the
theme and add the explanation on how the quote relates
to the theme.

2. Key facts Establish key facts of the interview excerpt, refer
to quotes for evidence.

3. Write a concise thematic summary that focuses on the
experience of the interviewee in relation to the theme.

We separated in a static system prompt that has mot of
the details and a variable user prompt which had placeholders
for theme, a theme explanation and the except content. Full
prompts are (in English, but we used an Arabic prompt):

You are an oral - history assistant .

Your task: write a clear , theme - focused
summary that:

1) centers the interviewee ’s experience and
perspective (emotions , views ,

reflections ),
2) remains completely faithful to the

provided excerpt (no hallucinations or
generalizations ),

3) preserves the interviewee ’s voice by
quoting verbatim lines from the excerpt ,

4) makes the link between QUOTATIONS -> KEY
FACTS -> SUMMARY explicit and traceable

,
5) records exact people / places / institutions

separately so details are preserved
without skewing similarity ,

6) follows the exact output format in
OUTPUT TEMPLATE .

Similarity - safety rules (very important )
-------------------------------------------
A) In the ** summary **, ** key facts **, and

quote ** explanations **, use entity -
neutral phrasing : avoid exact proper
names; prefer roles/ descriptors (e.g., "
her brother ," "a northern town ," "a
relief agency "). Put exact surface forms

only in ** entities **.
B) ** Summary quote citations :** When

referencing quotes inside the summary ,
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use exactly ONE pair of parentheses with
comma - separated ids and **no spaces **:

e.g., **( q1)** for one quote , **(q1 ,q3 ,
q5)** for multiple . This enables
deterministic stripping downstream .

C) Do not include hidden chain -of - thought ;
only provide the requested fields .

Core elements
-------------
1) Quotes : Verbatim lines from the

interviewee that (a) relate to the theme
or (b) provide ** necessary context ** to
understand the interviewee ’s experience

. Each quote MUST include :
- a stable quote id (e.g., "q1", "q2";

unique within the response ),
- the exact text ,
- the original timestamp / offset copied

exactly as given (e.g., "00:14:32") ,
- an explanation (1-2 sentences ) stating

what this quote reveals about the
interviewee ’s experience of the theme
.

Guidance for explanations : focus on
meaning - emotion , motivation /intent ,

constraint /context , consequence /
impact , value/belief , or identity /
self - understanding . Do not restate
the quote; interpret it within the
theme while staying faithful to the
text.

2) Key facts: Concise , faithful statements
related to the theme. Each key fact MUST
:

- be supported by at least one quote (
cite by id in " evidence_quotes "),

- include a "type" in {" event "," meaning
"," context "}:
- ** event ** = what happened to the

interviewee (actions ,
circumstances , changes )

- ** meaning ** = how the interviewee
understands /feels about it (
values , interpretations ,
implications )

- ** context ** = setting / system /
community conditions that shape
or constrain events / experience (e
.g., displacement routes , curfews
, shortages , institutional
policies )

- include " salience " in {1 ,2 ,3} where 3
= central to the theme , 2 = important
, 1 = peripheral but relevant .

- Use entity - neutral phrasing (no exact
proper names).

- ( optional ) ** entity_links **: array of
entity ids (e.g., ["e2","e3 "]) if
this fact pertains to specific
entities in the entities list.

3) Summary : An experience - centered
synthesis that integrates the key facts
and draws on the quoted voice. If you
reference quotes , follow rule **B** for
citation formatting precisely .

4) Entities : Exact people / places /
institutions mentioned in the excerpt ,
recorded separately to preserve detail
without affecting similarity . Only
include items that actually appear in
the excerpt (no guessing ). Deduplicate
identical surface forms; if multiple
surface forms appear , use " aliases ".

General rules
-------------
1) Do not add facts or interpretations

absent from the excerpt .
2) Use only quotations that appear

literally in the excerpt (case - sensitive
). Ignore interviewer lines.

3) After every quote , include its timestamp
exactly as received .

4) Keep the summary <= 500 words.
5) All response content must be written in

English .
6) Limit to at most **12 quotes ** and **6

key facts ** by highest salience ( ensure
coverage of distinct aspects of the
theme). Prefer that **<= 1/3** of key
facts are of type " context ".

7) Output a JSON object exactly as
described in the OUTPUT TEMPLATE .

Selection guidance
------------------
- Prefer quotes that contain concrete

actions , feelings , evaluations ,
constraints , or consequences tied to the

theme.
- Keep each quote minimally sufficient (

avoid very long spans); if needed , use
multiple shorter quotes with separate
ids.

- Limit entities to at most 15 items by
salience and distinctness .

INPUT TEMPLATE
--------------
You will receive :
1) Theme - the topic to focus on (e.g., "

Family life "). Highlight all parts of
the narrative that relate to this theme.

2) Theme description - clarifies which
aspects fall under the theme and what to

prioritize .
3) Excerpt - a portion of the oral

interview , including timestamps . Focus
only on the interviewee (not the
interviewer ).
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OUTPUT TEMPLATE
---------------
Produce a JSON object with the following

keys:
- theme ( string ): copy the provided theme.
- quotes (array): up to 12 objects , each

with:
- id ( string ): e.g., "q1", "q2" ( unique

within this response )
- text ( string ): exact quotation from

the excerpt
- timestamp ( string ): original offset /

timestamp
- explanation (string , 1-2 sentences ,

entity - neutral ): what this quote
reveals about the interviewee ’s
experience of the theme

- key_facts (array): up to 6 objects , each
with:
- fact (string , <= 80 words , entity -

neutral ): concise , faithful
statement related to the theme

- evidence_quotes (array of strings ):
list of quote ids that support this
fact (e.g., ["q1","q3 "])

- type ( string ): one of {" event ","
meaning "," context "}

- salience ( integer ): 1, 2, or 3 (3 =
central )

- entity_links (array of strings ,
optional ): related entity ids (e.g.,

["e1","e3 "])
- summary (string , <= 500 words , entity -

neutral ): experience - centered synthesis
that integrates the key facts and quoted

voice; any quote references MUST use
the exact token format **( q1)** or **(q1
,q3 ,q5)** (comma -separated , no spaces ).

- entities (array): up to 15 objects , each
with:
- id ( string ): e.g., "e1", "e2" ( unique

within this response )
- type ( string ): one of {" person ","

place "," institution "}
- name ( string ): exact surface form as

it appears in the excerpt
- role_or_descriptor (string , <= 20

words): brief role/ descriptor as
given by the interviewee (e.g., "
older brother "; " village near X"; "
aid agency ")

- evidence_quotes (array of strings ):
quote ids that mention this entity

- aliases (array of strings , optional ):
other exact surface forms appearing
in the excerpt

Example ( format only)
---------------------
{

"theme ": " Family life",

" quotes ": [
{

"id": "q1",
"text ": "We were always together at

dinner on Fridays .",
" timestamp ": "00:12:45" ,
" explanation ": " Signals a recurring

routine that structured closeness
in the household ."

},
{

"id": "q2",
"text ": "My father used to say the

family is our fortress .",
" timestamp ": "00:15:02" ,
" explanation ": "Shows the interviewee

frames family as protection and
moral guidance ."

},
{

"id": "q3",
"text ": "The factory shut down that

winter , so there was no work in
our town .",

" timestamp ": "00:19:11" ,
" explanation ": " Indicates a broader

economic condition that increased
reliance on household support ."

}
],
" key_facts ": [

{
"fact ": " Weekly shared dinners

functioned as an anchoring routine
for the household .",

" evidence_quotes ": ["q1"],
"type ": "event",
" salience ": 3

},
{

"fact ": " Family was understood as a
source of security and belonging
.",

" evidence_quotes ": ["q2"],
"type ": " meaning ",
" salience ": 2

},
{

"fact ": "A local employment shutdown
during winter heightened the
family ’s dependence on internal
support .",

" evidence_quotes ": ["q3"],
"type ": " context ",
" salience ": 2,
" entity_links ": ["e2","e3"]

}
],
" summary ": "The interviewee describes

household routines that fostered
closeness and a protective meaning of
family (q1 ,q2). A seasonal employment
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shutdown in the area (q3) formed the
backdrop to these practices ,
increasing reliance on the home for
stability .",

" entities ": [
{"id": "e1", "type ": " person ", "name ":

"my father ", " role_or_descriptor ": "
father ", " evidence_quotes ": ["q2"]},

{"id": "e2", "type ": " institution ", "
name ": "the factory ", "
role_or_descriptor ": "local employer
", " evidence_quotes ": ["q3"]},

{"id": "e3", "type ": "place", "name ": "
our town", " role_or_descriptor ": "
place of residence ", "
evidence_quotes ": ["q3 "]}

]
}
---

Listing 3. Summaries Prompt (System instruction)

User prompt

### TASK

Summarize the oral - history excerpt below
with a strong focus on the interviewee ’s

experience in relation to the given
theme. Use the OUTPUT TEMPLATE described

in the system prompt .

Theme: {theme}

Theme description : { theme_description }

Excerpt ( includes speaker - offset tags):
<<<EXCERPT START >>>
{ excerpt }
<<<EXCERPT END >>>

Listing 4. Summaries Prompt (User Instruction)

Validation of summaries
We took a random sample of 40 interviews for validation.
We evaluated 5 main aspects. These captured different sum-
mary desiderata: faithfulness to the original interview, degree
to which the interviewee’s experience is centered, choice of
salient and accurate quotes, removal of specific entities, and
overall clarity. Performance on each quality was evaluated
using a 5-point Likert scale. Two of the authors, who are
fluent in Arabic and also experts in the Palestinian context
around the Nakba, performed the validation.

** Instructions for the Evaluator **: Please
read the AI - generated summary and
compare it carefully to the original
interview excerpt . Rate the following
statements on a scale of 1-5 and provide

brief comments to justify your score.

- Faithfulness : The content remains
completely faithful to the original
excerpt . It does not add , remove , or
distort facts (no " hallucinations ").

- Experience - Centered \& Voice: The summary
prioritizes the interviewee ’s internal

experience -their emotions , personal
reflections , and unique perspective -over

a simple recounting of external events .

- Quotes \& Explanations : The quoted lines
are verbatim , well -chosen , and necessary
. Their explanations accurately
interpret the quote ’s meaning and
emotional significance without just
restating it.

- Entity Handling : The summary , key facts ,
and quote explanations use descriptive
roles (e.g., "her brother "). Exact
proper names appear only in the
dedicated " entities " section .

- Synthesis \& Clarity : The overall summary
is a clear , well -structured , and

coherent narrative that effectively
synthesizes key facts and quotes to
illuminate the core theme.

Listing 5. Summaries Prompt (User Instruction)

Our evaluation suggested that the summaries were broadly
1) high quality and 2) focused on themes, rather than factual
details (in accordance with our instructions). Overall, values
were consistently in the 4-5 range. Annotators were within
one point of each other for 92% of judgments; weighted Co-
hen’s kappa was not a reasonable choice due to a difference in
intercept within the annotator team.

Table 4. Annotators A and B labeled 40 instances in total. The summaries
were generally high quality, suggesting that this type of summarization task
is tractable even for a relatively under-resourced domain with this model.

A Mean A SD B Mean B SD
Feature

Faithfulness 4.92 0.27 4.50 0.51
Experience-Centered & Voice 4.58 0.55 4.45 0.60
Quotes & Explanations 4.66 0.58 4.50 0.51
Entity Handling 4.76 0.75 4.18 0.59
Synthesis & Clarity 4.71 0.65 4.23 0.53

As shown in Table 4, all of the summary qualities we are
interested in are in the 4-5 range (relative to a five-point scale)
on average. This was satisfactory for our purposes.

Generation of embeddings
To condition the embeddings on the theme, we constructed
prompts by prepending the theme to the beginning of a parsed
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version of the summary (as the summary generation generates
a JSON).

The version we used included the summary, key facts, and
explanations of the selected quotes. Note that it did not include
the quotes themselves, as we were focusing these embeddings
on the general experience overall, rather than on the specifics
of details that could be mentioned in the quotes.

For generating the embeddings from the summaries, specif-
ically, we employed OpenAI’s text-embedding-3-large
model Vector embeddings - OpenAI API, ; OpenAI et al. 2024,
which produces 3072-dimensional vectors that we use at full
width. We used this model as we were following all work with
the OpenAI API, and we were looking for a model with solid
support for Arabic.

An example of the text that was passed to the embedding
model

[ Subject = Colonization and Occupation during
the British Mandate Era]

Summary :
The interviewee evokes the atmosphere of

the British Mandate as an environment
full of fear and violations , with the
occupation authorities present around
his village , pressuring the local mayor
( Mukhtar ) and the residents to reveal
resistance members and ensure security
control . He recounts a painful personal
experience when a member of his family
was subjected to physical torture and
violence by the English , illustrating
the brutality of colonialism . He also
describes the spread of confrontations ,
killings , and house demolitions in
neighboring areas , pointing to
escalating tensions between local
residents and Jewish groups in other
nearby towns. Although he heard about
the movements and role of the Arab
Liberation Army , he did not witness its
direct presence in his village ,
reflecting a feeling of isolation and
disempowerment in the face of the
colonial project .

Key Points :
- British Mandate authorities were present

in the region , avoiding some residential
areas but were present around them and

sometimes imposed their presence by
force.

- Some residents , including members of the
interviewee ’s family , were subjected to
violence and physical torture by the
British Mandate authorities .

- The British Mandate authorities exerted
direct pressure on the Mukhtar and the
residents to reveal resistance fighters
and contribute to maintaining security
control for the administration .

- The areas neighboring the town witnessed
confrontations between local residents
and Jewish groups , which sometimes led
to mass killings and house demolitions .

- There was indirect communication with
resistance movements through news about
the movements of the Arab Liberation
Army and its leaders , without its actual

presence in the life of the village .

Interpretations :
- It clarifies the notable presence of

foreign troops or authorities in the
region , but without direct contact with
the interviewee ’s place of residence .

- It alludes to interaction between the
local population and the revolutionaries

regarding movements under the colonial
presence .

- It refers to the pressures and threats
the people of the region were subjected
to in order to force cooperation or the
informing on resistance fighters .

- It describes the violence of the foreign
authorities and their methods of
torturing the people , with a painful
personal experience of the interviewee ’s

family .
- It confirms that those who carried out

the repressive acts and torture were
specifically the British authorities .

- It indicates that there were nearby
places with a mixed presence of Arab and

Jewish residents , and the disturbances
extended to neighboring areas.

- It mentions prominent cities that were
the scene of events or discussions about

the confrontations during the Mandate
period .

- It describes violent attacks involving
mass killings and house demolitions in
the context of the conflict and within
the atmosphere of colonialism .

- It touches upon the people ’s knowledge of
news about the army opposing the

Zionist presence and policies ,
mentioning Arab leaderships in the
confrontation , but clarifies that its
presence was not direct in the village .

Listing 6. Example of input to generate embeddings(translated)

We performed validation procedures to ensure the quality
of the embeddings. For instance, we verified that embeddings
for the same theme were, on average, more similar to each
other than to embeddings from different themesa consistency
that was consistently observed. The cosine similarities ranged
from approximately 0.30 to 0.80, with the average often ex-
ceeding 0.60. We also performed spot checks of randomly
sampled pairs of embeddings once we calculated the similar-
ities to see if the similarities aligned with the perception of
similar interviews or not.
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Calculating thematic similarity from embeddings
Given the embeddings for the excerpts of the interviews, we
calculated our measure of similarity σA exhaustively across all
interview pairs that share a theme, computing cosine similar-
ity directly for every such pair rather than retrieving nearest
neighbors; table 5 reports the resulting pair counts per theme.

We considered different schemes to process the embed-
dings before applying the similarity measure:

• Raw: We do not modify the embeddings and directly
calculate cosine similarity.

• Demeaning and normalization: We normalize the em-
beddings to unit length, although OpenAI embeddings
are already normalized.

• All-but-the-top: We remove the first k principal compo-
nents (we tried k = 1 and k = 2). Other work has shown
that this procedure removes aspects of similarity that are
overly typical.

We did not perform dimensionality reduction, as OpenAI’s
documentation advises against this practice. The documen-
tation indicates that the representations are dense and that
dimensionality reduction involves a tradeoff between accuracy
and reduced dimensionality.

We conducted spot checking by sampling distinct pairs
with high and low similarities across the distribution. We
found that using unprocessed embeddings alignedmore closely
with the spot checker’s evaluation, so we decided to use that
representation for the analysis. However, we also repeated
some models with similarity calculated using the alternative
processing schemes, and the results remained qualitatively
similar. We can provide these analyses upon request but omit
them here for brevity.

The similarity distributions for distinct themes exhibited
slight skewness, but we found that the kurtosis and presence of
extreme values were low (Table 5), indicating that the distribu-
tions were roughly normal (Figure 8). This finding provided
additional justification for our decision to process the similarity
per theme through scaling.

These thematic embeddings allowed us to capture nuanced
semantic relationships within the interviews, facilitating more
sophisticated analyses of the narratives.

Weighted Location Models
In our analysis of pairwise comparisons of interview similar-
ity based on the same place of origin and the same place of
residence, we identified a significant imbalance in the data.
Most interview pairs did not share either place of origin or
residence, and less than 1% of the data involved pairs sharing
both place of residence and place of origin. table 6 details the
counts for each condition comparing same origin and same res-
idence. Addressing this imbalance was crucial, especially since
we aimed to use this data for the analysis of themes, where the
data would be further subdivided.

To mitigate the effects of this imbalance, we incorporated
weights into the regression estimations of the mixed models.
Specifically, we used an Inversely Proportional Weights IPW,

where each observation is weighted inversely proportional to
its frequency in the data. This means that rarer combinations
(e.g., interview pairs sharing both place of origin and residence)
receive higher weights, ensuring they have a proportionate
influence on the model despite their low occurrence.

We applied the same weights, defined by the general preva-
lence in our sample, to compute models for both Bag-of-
Words (BoW) based representationswhich use all interviewsand
for themes, which involve pairings of interviews matching on
the same theme. This approach ensured consistency in the
weights applied to the observations across different analyses.

Data protection and transferability to sensitive archives
We processed POHA with third-party services (Transkriptor
for transcription and OpenAI models for summarization and
embedding) because the archive is already public. The pipeline
is nonetheless portable to archives whose sensitivity requires
that raw testimony remain on controlled infrastructure, for
two reasons. First, the artifacts that enter the analysis are al-
ready de-specified. As described in the Methods Appendix,
the summarization prompt enforces entity-neutral phrasing in
the summary, key facts, and quote explanations, and records
exact names of people, places, and institutions in a separate
entities field that is not passed downstream; the embed-
dings are then generated from the summary, key facts, and
quote explanations only, excluding the verbatim quotes. We
evaluated this "entity handling" explicitly during validation
(Table 4). We adopted this design primarily so that overlap in
specific named entities would not drive the semantic similarity
scoresthat signal is captured separately in the bag-of-words
representations—but a side effect is that the intermediate sum-
maries carry substantially less identifying detail than the raw
transcripts. Second, the statistical analysis operates only on
numerical objects: the embeddings and the pairwise similarity
matrices derived from them. Once these are computed, the
analysis and its results can be shared and reproduced with-
out redistributing the underlying interviews. Sensitive text
therefore needs to be handled only up to the embedding step;
everything after the similarity computation is de-identified.
For a deployment on protected data, these upstream steps can
be relocated to access-controlled or on-premise infrastructure
by substituting open-weight models for the commercial APIs
used here. We did not benchmark this substitution, but open,
Arabic-capable models such as Jais (Sengupta et al. 2023) and
AceGPT (Huang et al. 2024) are plausible candidates for the
summarization and embedding steps; their performance on
the dialectal Levantine Arabic of POHA would need to be
validated, as we did for our transcriptions and summaries.

Alternative Model Specifications
We estimated three model specifications to assess the robustness
of our findings (there were others such as regular random
effects but we selected the strongest candidates):

1. Fixed effects model with dyadic-robust standard er-
rors (main specification): We estimate this model using
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Table 5. Distribution diagnostics for similarity scores by theme

Theme N pairs Mean SD Kurtosis % Extreme IQR

British Mandate Colonialism and Occupation 182,065 0.560 0.095 0.98 11.0% 0.107
Childhood and Family Life 178,185 0.570 0.100 0.59 11.0% 0.120
Community Life and Social Dynamics 346,031 0.568 0.115 -0.34 11.0% 0.155
Exile, Expulsion, and Displacement 412,324 0.643 0.127 -0.91 11.0% 0.194
Refugee life and conditions 191,992 0.620 0.108 -0.61 11.0% 0.155
Resistance and Popular Struggles 274,368 0.604 0.090 0.13 11.0% 0.108
Socio-Economic Life and Conditions 238,226 0.574 0.098 -0.29 11.0% 0.135
Zionist Attacks During and After the Nakba 433,431 0.616 0.138 -0.88 11.0% 0.203

Table 6. Prevalence of conditions comparing same origin and residence
among pairs of interviews in the data.

Location Pair Condition Pairs

Diff Origin+Diff Residence 251036
Diff. Origin+Same Residence 18990
Same Origin+Diff. Residence 3338
Same Origin+Same Residence 634

the feols function with interview fixed effects absorbed.
This specification allows for within-interview comparisons
across different partners. The primary advantages are that
it controls for all time-invariant interview characteristics
and naturally handles the dyadic structure. The draw-
backs include conservative estimates and absorption of the
reference category into the fixed effects. We apply dyadic-
robust sandwich covariance estimation to account for the
dependence structure where interviews appear in multiple
pairs. We also estimate a pooled model across all themes
that includes theme fixed effects to obtain overall estimates
of pairing effects.

2. Random effects model with Mundlak corrections: We
estimate random effects models that include Mundlak cor-
rections to address potential correlation between random
effects and covariates. These models generally produce
higher effect estimates than fixed effects models. We do
not apply inverse probability weighting to these models
because the lmer implementation interprets weights as
precision weights, which inappropriately shrinks the esti-
mates.

3. Bayesian hierarchical model with Mundlak correc-
tions: We implement Bayesian versions of the Mundlak-
corrected models using the brms package. These models
allow us to obtain credible intervals and examine the pos-
terior distributions of the parameters. Like the frequentist
random effects models, these remain unweighted. The
Bayesian framework enabled us to assess whether effects
were consistently positive or negative across themes with
probabilistic statements.

We focus on the fixed effects specification in the main text
because it provides the most conservative estimates and allows

for clean within-interview comparisons. We present results
from the alternative specifications in the Additional Results
Appendix to demonstrate robustness.

Mundlak-Corrected Random Effects Models
The Mundlak correction addresses potential correlation be-
tween individual-level random effects and the pairing covari-
ates by including cluster-specific means of the covariates as
additional predictors (Mundlak 1978). This approach allows
the random effects model to approximate the fixed effects esti-
mator while retaining the ability to estimate the coefficients
for all pairing categories (including the reference).

For the location pairing analysis, we specify:

z(σT
ij ) =

∑
L∈{N ,O,R,B}

βL I [`ij = L]

+
∑

L′∈{O,R,B}
γ1L′¯̀1i,L′ +

∑
L′∈{O,R,B}

γ2L′¯̀2j,L′

+ ui + vj + εij (6)

where:

• βL are the coefficients for each location pairing category
• ¯̀1

i,L′ is the inverse probability weighted proportion of in-
terview i ’s pairs (when i is in role 1) that fall into category
L′ (excluding the reference category None)

• ¯̀2
j,L′ is the analogous proportion for interview j when in
role 2

• γ1L′ and γ2L′ are the Mundlak correction coefficients that
capture the association between an interview’s average
pairing composition and similarity

• ui ∼ N (0,σ2u) and vj ∼ N (0,σ2v) are random intercepts
for each interview

We compute role-specific Mundlak proportions separately
for interview i (when in role 1) and interview j (when in role
2) because interviews may have different pairing compositions
depending on their role in the dyad. We weight these propor-
tions by the inverse probability weights to ensure consistency
with the pairing distribution used in the main fixed effects
models.

The gender pairing model follows an identical structure,
with gender pairing categories (FemaleFemale, MaleFemale,
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Figure 8. Distribution of similarity scores by theme. Blue curves showempirical kernel density estimates; red dashed lines show theoretical normal distributions
with matching means and standard deviations. The close alignment between empirical and theoretical distributions indicates approximate normality across
themes.

MaleMale) replacing location categories, and MaleFemale as
the reference.

We estimate thesemodels usingmaximum likelihood (REML
= FALSE) to enable likelihood ratio tests. We conduct two
tests of the Mundlak correction:

1. Likelihood ratio test: We compare the baseline random
effects model (without Mundlak terms) to the Mundlak-
corrected model using a likelihood ratio test. Rejection of
the null suggests correlation between random effects and
covariates, justifying the fixed effects approach.

2. Joint Wald test: We test whether all Mundlak correction
coefficients are jointly equal to zero using aWald test. This
provides an alternative assessment of whether fixed effects
are necessary.

We compute estimated marginal means and contrasts using
the same approach as the fixed effects models, applying the
Holm adjustment for multiple comparisons where appropriate.

Bayesian Hierarchical Models
We implement Bayesian versions of the Mundlak-corrected
random effects models using the brms package (Bürkner 2017),
which utilizes the Stan probabilistic programming language
(Stan Development Team 2024). We chose this approach be-
cause Bayesian inference allows us to obtain full posterior dis-
tributions for all parameters, providing probabilistic statements
about effect magnitudes and enabling assessment of whether
effects are consistently positive or negative across themes.

The model specification for location pairings is:

z(σT
ij ) ∼ N (µij ,σ2), (7)

µij =
∑

L∈{N ,O,R,B}
βL I [`ij = L]

+
∑

L′∈{O,R,B}
γ1L′¯̀1i,L′ +

∑
L′∈{O,R,B}

γ2L′¯̀2j,L′

+ ui + vj (8)

where the notation matches the Mundlak-corrected model
above. We use the following prior distributions:



Computational Humanities Research 39

βL ∼ N (0, 2), for all L ∈ {N , O, R, B},
γr

L′ ∼ N (0, 2), for all Mundlak terms,
ui ∼ N (0,σ2u), σu ∼ Exponential(1),
vj ∼ N (0,σ2v), σv ∼ Exponential(1),
σ ∼ Exponential(1).

The priors for the fixed effect coefficients (βL and γr
L′ )

are weakly informative, centered at zero with standard devi-
ation 2, which covers a wide range of plausible standardized
effect sizes. The exponential priors on the standard deviation
parameters (σu , σv , and σ) ensure positivity and provide mild
regularization toward smaller values.

We estimate models using four chains with 2,000 itera-
tions each (1,000 warmup), monitoring convergence using R̂
statistics and effective sample size. We compute contrasts using
the hypothesis function in brms, which provides posterior
distributions for each contrast. For location models, we test:

• Origin vs. None: βO – βN
• Residence vs. None: βR – βN
• Both vs. None: βB – βN
• Synergy: βB – βO – βR + βN

For gender models, we test:

• MaleMale vs. MaleFemale: βMM – βMF
• FemaleFemale vs. MaleFemale: βFF – βMF

The Bayesian framework provides credible intervals for
all contrasts and allows us to compute the posterior probabil-
ity that an effect is positive (or negative), providing intuitive
probabilistic interpretations of our findings.

Results Appendix
Model results for all themes
In the main body, we selected the results for the fewer themes
as being more significant for our analysis perspective on the
Nakba. Here we add the thematic plots of all themes, both for
location (fig. 9) and gender (fig. 10).

Model results for alternate specifications
Here, we add the tables for factual and theme comparison
results. Results indicate the comparison of the different model
specifications. We note that the results are qualitatively similar.

• Factual Entity Similarity

– Location - table 7
– Gender - table 8

• Thematic similarity

– Location - table 9
– Gender - table 10
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Figure 9. Mixedmodel for location estimates for all themes, following the
same description as in the main text.
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Figure 10. Mixedmodel for gender estimates for all themes, following the
same description as in the main text.
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Table 7. Comparison of model estimates for location contrasts across three modeling approaches.

Contrast Mundlak (Bayes) Fixed Effects Mundlak (Freq.)

ar_families

Both - None 2.136 [2.034, 2.239]* 2.240 [1.380, 3.099]* 2.241 [2.179, 2.304]*
OriginOnly - None 2.142 [2.097, 2.188]* 2.184 [1.644, 2.724]* 2.186 [2.133, 2.239]*
ResidenceOnly - None 0.015 [-0.005, 0.036] 0.007 [-0.187, 0.202] 0.007 [-0.043, 0.058]
Synergy -0.021 [-0.134, 0.094] 0.048 [-0.620, 0.716] 0.048 [-0.015, 0.111]

ar_keywords

Both - None 0.560 [0.478, 0.643]* 0.587 [0.325, 0.849]* 0.587 [0.565, 0.609]*
OriginOnly - None 0.205 [0.168, 0.242]* 0.243 [0.133, 0.354]* 0.244 [0.225, 0.263]*
ResidenceOnly - None 0.177 [0.161, 0.193]* 0.204 [0.114, 0.294]* 0.204 [0.186, 0.222]*
Synergy 0.178 [0.087, 0.270]* 0.139 [-0.081, 0.360] 0.139 [0.117, 0.161]*

ar_landmarks

Both - None 0.806 [0.696, 0.916]* 0.946 [0.287, 1.606]* 0.948 [0.896, 0.999]*
OriginOnly - None 0.469 [0.420, 0.517]* 0.568 [0.224, 0.911]* 0.568 [0.524, 0.612]*
ResidenceOnly - None 0.145 [0.123, 0.166]* 0.136 [-0.039, 0.312] 0.136 [0.094, 0.178]*
Synergy 0.192 [0.073, 0.315]* 0.242 [-0.256, 0.741] 0.244 [0.192, 0.296]*

ar_significant_figures

Both - None 2.556 [2.448, 2.663]* 2.807 [1.394, 4.221]* 2.809 [2.723, 2.895]*
OriginOnly - None 1.625 [1.577, 1.672]* 1.874 [1.294, 2.454]* 1.875 [1.802, 1.948]*
ResidenceOnly - None 0.030 [0.009, 0.051]* 0.038 [-0.193, 0.268] 0.037 [-0.033, 0.107]
Synergy 0.901 [0.784, 1.019]* 0.896 [-0.115, 1.907] 0.897 [0.810, 0.984]*

ner_texts

Both - None 0.929 [0.847, 1.011]* 1.090 [0.763, 1.417]* 1.090 [1.066, 1.115]*
OriginOnly - None 0.636 [0.600, 0.672]* 0.746 [0.616, 0.875]* 0.746 [0.725, 0.767]*
ResidenceOnly - None 0.138 [0.122, 0.154]* 0.189 [0.101, 0.278]* 0.189 [0.170, 0.209]*
Synergy 0.154 [0.065, 0.244]* 0.155 [-0.058, 0.368] 0.155 [0.131, 0.180]*
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Table 8. Comparison of model estimates for gender contrasts across three modeling approaches.

Contrast Fixed Effects Mundlak (Freq.) Mundlak (Bayes)

ar_families

FF - MF 0.036 [0.006, 0.067]* 0.037 [0.003, 0.071]* NA
MM - MF 0.016 [-0.015, 0.048] 0.016 [-0.018, 0.050] NA

ar_keywords

FF - MF 0.088 [0.050, 0.126]* 0.088 [0.060, 0.116]* 0.109 [0.085, 0.133]*
FemaleFemale - MaleMale NA NA 0.028 [-0.015, 0.071]
MM - MF 0.103 [0.058, 0.147]* 0.103 [0.075, 0.131]* 0.081 [0.059, 0.103]*

ar_landmarks

FF - MF 0.054 [0.020, 0.088]* 0.055 [0.017, 0.093]* NA
MM - MF 0.045 [0.000, 0.090]* 0.045 [0.007, 0.083]* NA

ar_significant_figures

FF - MF 0.026 [0.004, 0.049]* 0.026 [-0.009, 0.062] NA
MM - MF 0.029 [0.009, 0.049]* 0.029 [-0.006, 0.065] NA

ner_texts

FF - MF 0.130 [0.088, 0.173]* 0.130 [0.102, 0.158]* NA
MM - MF 0.120 [0.076, 0.163]* 0.120 [0.092, 0.148]* NA
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Table 9. Comparison of model estimates for location contrasts across three modeling approaches. Estimates shown as: Estimate [95% CI]. * indicates non-zero
effect.

Contrast Mundlak (Bayes) Fixed Effects Mundlak (Freq.)

British Mandate Colonialism and Occupation

Both - None 0.467 [0.284, 0.651]* 0.448 [0.099, 0.797]* 0.448 [0.400, 0.497]*
OriginOnly - None 0.011 [-0.082, 0.104] 0.051 [-0.128, 0.230] 0.051 [0.011, 0.091]*
ResidenceOnly - None 0.052 [0.012, 0.091]* 0.037 [-0.043, 0.117] 0.037 [0.002, 0.072]*
Synergy 0.405 [0.199, 0.612]* 0.360 [0.011, 0.709]* 0.360 [0.311, 0.409]*

Childhood and Family Life

Both - None 0.417 [0.127, 0.711]* 0.319 [-0.023, 0.660] 0.320 [0.258, 0.382]*
OriginOnly - None 0.086 [-0.019, 0.191] 0.082 [-0.080, 0.243] 0.082 [0.046, 0.118]*
ResidenceOnly - None 0.074 [0.031, 0.116]* 0.082 [-0.006, 0.169] 0.082 [0.050, 0.113]*
Synergy 0.258 [-0.054, 0.576] 0.155 [-0.122, 0.433] 0.157 [0.097, 0.216]*

Community Life and Social Dynamics

Both - None 0.122 [0.007, 0.236]* 0.073 [-0.117, 0.262] 0.073 [0.049, 0.097]*
OriginOnly - None 0.092 [0.045, 0.139]* 0.083 [0.007, 0.158]* 0.083 [0.064, 0.101]*
ResidenceOnly - None 0.048 [0.027, 0.068]* 0.060 [0.016, 0.104]* 0.060 [0.043, 0.077]*
Synergy -0.018 [-0.143, 0.107] -0.070 [-0.219, 0.079] -0.070 [-0.093, -0.046]*

Exile, Expulsion, and Displacement

Both - None 0.150 [0.044, 0.254]* 0.135 [0.022, 0.248]* 0.135 [0.115, 0.154]*
OriginOnly - None 0.021 [-0.018, 0.062] 0.015 [-0.045, 0.074] 0.015 [-0.000, 0.029]*
ResidenceOnly - None 0.011 [-0.007, 0.028] -0.001 [-0.033, 0.030] -0.001 [-0.015, 0.012]
Synergy 0.118 [0.003, 0.230]* 0.121 [0.023, 0.220]* 0.121 [0.102, 0.141]*

Refugee life and conditions

Both - None 0.407 [0.228, 0.589]* 0.301 [0.032, 0.571]* 0.303 [0.255, 0.352]*
OriginOnly - None 0.111 [0.032, 0.191]* 0.065 [-0.054, 0.185] 0.066 [0.027, 0.104]*
ResidenceOnly - None 0.262 [0.226, 0.297]* 0.222 [0.117, 0.328]* 0.223 [0.188, 0.258]*
Synergy 0.035 [-0.163, 0.236] 0.014 [-0.193, 0.220] 0.014 [-0.031, 0.060]

Resistance and Popular Struggles

Both - None 0.217 [0.088, 0.344]* 0.234 [-0.021, 0.489] 0.233 [0.203, 0.264]*
OriginOnly - None 0.007 [-0.050, 0.065] -0.020 [-0.104, 0.065] -0.019 [-0.045, 0.006]
ResidenceOnly - None 0.036 [0.013, 0.060]* 0.023 [-0.027, 0.073] 0.023 [0.001, 0.045]*
Synergy 0.173 [0.032, 0.313]* 0.231 [-0.004, 0.465] 0.230 [0.201, 0.259]*

Socio-Economic Life and Conditions

Both - None 0.144 [0.029, 0.258]* 0.188 [-0.102, 0.478] 0.188 [0.152, 0.224]*
OriginOnly - None 0.044 [-0.017, 0.104] 0.074 [-0.051, 0.199] 0.074 [0.045, 0.104]*
ResidenceOnly - None 0.047 [0.019, 0.076]* 0.047 [-0.008, 0.103] 0.047 [0.019, 0.075]*
Synergy 0.053 [-0.079, 0.184] 0.067 [-0.238, 0.371] 0.067 [0.031, 0.102]*

Zionist Attacks During and After the Nakba

Both - None 0.240 [0.160, 0.321]* 0.224 [0.045, 0.403]* 0.224 [0.206, 0.241]*
OriginOnly - None 0.106 [0.073, 0.139]* 0.087 [0.025, 0.150]* 0.087 [0.073, 0.102]*
ResidenceOnly - None 0.038 [0.023, 0.053]* 0.033 [-0.008, 0.075] 0.033 [0.020, 0.047]*
Synergy 0.096 [0.010, 0.184]* 0.103 [-0.063, 0.269] 0.103 [0.085, 0.120]*
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Table 10. Comparison of model estimates for gender contrasts across three modeling approaches. Estimates shown as: Estimate [95% CI]. * indicates non-zero
effect.

Contrast Mundlak (Bayes) Fixed Effects Mundlak (Freq.)

British Mandate Colonialism and Occupation

FF - MF 0.153 [0.083, 0.225]* 0.115 [-0.020, 0.250] 0.113 [0.037, 0.189]*
MM - MF 0.073 [0.014, 0.131]* 0.110 [0.035, 0.186]* 0.112 [0.044, 0.180]*

Childhood and Family Life

FF - MF 0.600 [0.552, 0.647]* 0.484 [0.311, 0.658]* 0.484 [0.431, 0.538]*
MM - MF 0.408 [0.363, 0.452]* 0.522 [0.365, 0.678]* 0.522 [0.469, 0.575]*

Community Life and Social Dynamics

FF - MF 0.096 [0.069, 0.123]* 0.073 [0.034, 0.113]* 0.073 [0.042, 0.104]*
MM - MF 0.073 [0.046, 0.099]* 0.094 [0.054, 0.135]* 0.095 [0.063, 0.126]*

Exile, Expulsion, and Displacement

FF - MF 0.145 [0.121, 0.169]* 0.149 [0.104, 0.194]* 0.149 [0.123, 0.175]*
MM - MF 0.128 [0.105, 0.150]* 0.123 [0.081, 0.165]* 0.123 [0.097, 0.149]*

Refugee life and conditions

FF - MF 0.180 [0.129, 0.232]* 0.169 [0.095, 0.242]* 0.167 [0.107, 0.228]*
MM - MF 0.121 [0.071, 0.170]* 0.131 [0.057, 0.205]* 0.132 [0.072, 0.193]*

Resistance and Popular Struggles

FF - MF 0.265 [0.229, 0.300]* 0.221 [0.131, 0.311]* 0.221 [0.182, 0.259]*
MM - MF 0.156 [0.123, 0.188]* 0.199 [0.118, 0.281]* 0.199 [0.162, 0.237]*

Socio-Economic Life and Conditions

FF - MF 0.216 [0.174, 0.258]* 0.182 [0.097, 0.266]* 0.181 [0.134, 0.228]*
MM - MF 0.134 [0.095, 0.173]* 0.168 [0.080, 0.255]* 0.168 [0.122, 0.215]*

Zionist Attacks During and After the Nakba

FF - MF 0.160 [0.140, 0.180]* 0.137 [0.092, 0.183]* 0.137 [0.115, 0.160]*
MM - MF 0.121 [0.102, 0.140]* 0.143 [0.094, 0.192]* 0.143 [0.121, 0.165]*
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Embedding similarity insights
POHA contains rich information about experiences in differ-
ent parts of pre-1948 Palestine. Here, we present an additional
table of contents-based plots. Figure 11 reports the average the-
matic similarity between interview segments for every place
of origin represented in POHA.

We also explore the co-occurrence of different themes,
reported in fig. 12. The theme scheme we use engenders
significant overlap among several categories namely, Zionist
attacks, expulsion, and resistance.
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