
	

Do Welfare States Have Lower Carbon Emissions? The Importance of State Capacity in Lower-Income Countries – Appendix

This appendix provides the following robustness checks and additional analyses:

· Figures A1 and A2 examine the requirements of interaction models. 
· Table A1 summarizes models based on three different estimation procedures. 
· Table A2 incorporates an alternative operationalization of the democracy variable.
· We replace the dependent variable by a general item on greenhouse gas emissions (Table A3).
· As political ideology may influence climate policy outcomes, we identify center-right executives and interact this variable with State Capacity * Welfare State (ln) in Table A4.
· Table A5 contains a range of binary region variables as additional controls.
· We explore an alternative indicator for the welfare state in Table A6.
· In Table A7, we control for the composition effect and include variables on agriculture and manufacturing as a share of the economy.
· In Table A8, we employ an alternative indicator for state capacity.
· We explore the subcomponents of the CPIA index (Table A9).
· All explanatory variables are temporally lagged in Table A10 and Figure A3.
· Finally, we summarize the countries and years covered by our analysis (Table A11).

Requirements for Interaction Models
According to Hainmueller et al. (2019), multiplicative interaction models are based on two crucial requirements. On one hand, there must be a sufficient amount of “common support” to reliably compute the conditional marginal effects, i.e., cases for which the values of the moderating variable are actually observed. On the other hand, the interactive effect is linear to the extent that, in our case, the impact of Welfare State (ln) changes at a constant rate with the moderating variable on state capacity. We meet the first requirement, which is demonstrated via the rug plot in Figure 2 of the main text. For the second requirement of a linear effect, Hainmueller et al. (2019) suggest a scatterplot as a diagnostic tool for assessing whether a linear effect exists or not: that is, they recommend splitting the sample into equally sized groups based on the moderating variable, i.e., State Capacity. In turn, one has to plot the outcome against the key independent variable, i.e., Welfare State (ln), while imposing a linear regression line and a Locally Weighted Scatterplot Smoothing (lowess) line. 
If a linear effect exists, the linear regression line should not significantly depart from the lowess line across the different groups as identified by the moderator values. We have divided the sample into four equally sized groups in light of the distribution of State Capacity. When imposing linear regression lines on the lowess lines, there are some deviations per group, but they are largely not statistically significantly different from each other (Figure A1). Still, we also examined a non-linear impact in our main model by adding Welfare State (ln) raised to the power of 2 and 3 to the specification and interacting these as well with State Capacity. The corresponding results suggest there is little evidence for a non-linear effect; in fact, the substantive effects (Figure A2) are almost identical to what we present in Figure 2 in the main text.
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Figure A1. Locally Weighted Scatterplot Smoothing (lowess) Lines




















Notes. Graph displays lowess lines of CO2 Emissions per capita (ln) and Welfare State (ln) for given values of State Capacity.

Figure A2. Marginal Effects at the Mean of Welfare State (ln) 
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Notes. Graph displays marginal effects of Welfare State (ln) for given values of State Capacity; dashed lines stand for adjusted 95 percent confidence intervals (MacGregor-Fors and Payton 2013); horizontal dotted line marks marginal effect of 0; rug plot at horizontal axis depicts distribution of State Capacity; graph based on Model 3 in the main text when adding Welfare State (ln)2 and Welfare State (ln)3 to the interaction.

Alternative Estimation Procedures
The empirical models in the main text are mainly based on two-way fixed effects OLS regressions. The fixed effects are located at the level of countries and years, respectively, and thus control for unobserved (time-invariant unit-level) influences and common temporal shocks. While this approach has many advantages, Imai and Kim (2021) propose several alternatives. In light of this, we first performed a Wooldridge test for autocorrelation in panel data and found evidence for first order autocorrelation. One approach to address this issue is to rely on panel-corrected standard-error models (Beck and Katz 1995) and specify that, within panels, there is first-order autocorrelation with the coefficient of this process being common to all panels. This approach addresses measurement errors, assuming that the error is “systematically related to the country, but does not change much over time” (Neumayer 2003b: 628). 
Second, we present the results from a general error correction model. This estimation procedure is extremely flexible as we can assess both the immediate and long-term impact of a shock for an explanatory variable on CO2 emissions. The dependent variable in this setup is based on shifts (not levels) in emissions, which addresses potential issues of nonrandom error structures (Tromborg 2014) or issues stemming from Nickell (1981) bias. Moreover, as the core explanatory variables enter the estimation as shifts and temporally lagged variants, we directly identify the contemporaneous impact of a shock to an explanatory variable as well as its cumulative impact (De Boef and Keele 2008). The error correction model also includes year and country fixed effects. 
Third, Model A3 presents the findings from a generalized method-of-moments (GMM) dynamic panel estimator. This Arellano-Bond estimator contains both the levels and the first difference equations to account for trending in the data. The broad range of estimation strategies discussed here and in the main text is important as, on their own, each approach has certain drawbacks. However, considering the estimation strategies together provides us with a high degree of confidence in the findings.
Three important findings emerge from the models in Table A1. First, regardless of the estimation procedure employed, Welfare State (ln) * State Capacity is robust as it remains negatively signed and statistically significant. Second, in Model A2, Welfare State (ln) * State Capacity D is insignificant, which suggests that the joint effect of the welfare state and state capacity does not materialize in the short term. Rather, it is a long-term effect. This is expected, however, given the dependent variable on carbon emissions. The impact of governmental action on emissions is likely to take some time, and next to policy there are various other influences that shape states’ climate policy outcomes. Third, when removing the lagged dependent variable in Model A1, the control variables are mostly statistically significant and have the expected effects. Lower-income countries that are more populous, are wealthier, and are more embedded in the global network tend to be characterized by higher CO2 emissions per capita. 


Table A1. Alternative Estimation Procedures
	 
	Model A1
	Model A2
	Model A3

	Lagged Dependent Variable
	
	 -0.158***
	  0.864***

	
	
	 (0.022)
	 (0.038)

	Welfare State(ln)
	 -0.445***
	 -0.212**
	 -0.334***

	
	 (0.128)
	 (0.102)
	 (0.130)

	Welfare State(ln) D
	
	 -0.019
	

	
	
	 (0.059)
	

	State Capacity
	  0.296**
	  0.137
	  0.225*

	
	 (0.129)
	 (0.088)
	 (0.136)

	State Capacity D
	
	  0.029
	

	
	
	 (0.036)
	

	Welfare State (ln) * State Capacity
	 -0.270***
	 -0.128*
	 -0.181*

	
	 (0.099)
	 (0.077)
	 (0.108)

	Welfare State (ln) * State Capacity D
	
	 -0.193
	

	
	
	 (0.391)
	

	Democracy
	  0.000
	 -0.001
	 -0.000

	
	 (0.003)
	 (0.003)
	 (0.002)

	Democracy D
	
	  0.000
	

	
	
	 (0.003)
	

	GDP per capita (ln)
	  1.165**
	 -0.168
	  0.898*

	
	 (0.584)
	 (0.430)
	 (0.517)

	GDP per capita (ln)2
	 -0.024
	  0.018
	 -0.048

	
	 (0.037)
	 (0.027)
	 (0.033)

	GDP per capita (ln) D
	
	  0.577***
	

	
	
	 (0.109)
	

	GDP per capita (ln)2 D
	
	 -0.671
	

	
	
	 (0.458)
	

	Population (ln)
	  0.380***
	 -0.174
	 -0.219

	
	 (0.091)
	 (0.140)
	 (0.204)

	Population (ln)
	
	 -1.360
	

	
	
	 (1.196)
	

	Globalization
	  0.011***
	  0.006**
	  0.006**

	
	 (0.003)
	 (0.003)
	 (0.003)

	Globalization D
	
	   0.002
	

	
	
	  (0.003)
	

	Observations
	827
	760
	826

	Country Fixed Effects
	Yes
	Yes
	Yes

	Year Fixed Effects
	No
	Yes
	Yes



Notes. Table entries are regression coefficients; standard errors clustered on country in parentheses; constant, year fixed effects, and country fixed effects omitted from presentation.

* p<0.10, ** p<0.05, *** p<0.01 (two-tailed).

Alternative Operationalization of Democracy
A more conservative and parsimonious operationalization of the democracy variable may be the following: rather than using the polity2 variable directly, we created dummy variables for full autocracies (-10 to -6 on the polity2 scale), anocracies (-5 to 5 on the polity2 scale), and full democracies (6 to 10 on the polity2 scale). Such a specification may be less prone to measurement error. Table A2 summarizes the results: our main finding pertaining to the multiplicative interaction remains positively signed and significant.

Table A2. Different Operationalization of Democracy
	 
	Model A4

	Lagged Dependent Variable
	  0.846***

	
	 (0.043)

	State Capacity
	  0.165*

	
	 (0.086)

	Welfare State (ln)
	 -0.259***

	
	 (0.080)

	State Capacity * Welfare State (ln)
	 -0.137**

	
	 (0.061)

	Democracy Binary
	 -0.006

	
	 (0.016)

	Anocracy Binary
	 -0.008

	
	 (0.012)

	GDP per capita (ln)
	  0.593

	
	 (0.555)

	GDP per capita (ln)2
	 -0.027

	
	 (0.035)

	Population (ln)
	 -0.149

	
	 (0.198)

	Globalization
	  0.004

	
	 (0.003)

	Observations
	826

	Country Fixed Effects
	Yes

	Year Fixed Effects
	Yes



Notes. Table entries are regression coefficients; standard errors clustered on country in parentheses; constant, year fixed effects, and country fixed effects omitted from presentation.

* p<0.10, ** p<0.05, *** p<0.01 (two-tailed).
Table A3. Greenhouse Gas Emissions per capita (ln)
	 
	Model A5

	Lagged Dependent Variable
	  0.815***

	
	 (0.047)

	State Capacity
	  0.101*

	
	 (0.050)

	Welfare State (ln)
	 -0.112**

	
	 (0.047)

	State Capacity * Welfare State (ln)
	 -0.064*

	
	 (0.037)

	Democracy
	 -0.001

	
	 (0.001)

	GDP per capita (ln)
	 -0.377

	
	 (0.315)

	GDP per capita (ln)2
	  0.026

	
	 (0.020)

	Population (ln)
	 -0.062

	
	 (0.090)

	Globalization
	  0.002

	
	 (0.002)

	Observations
	804

	Country Fixed Effects
	Yes

	Year Fixed Effects
	Yes



Notes. Table entries are regression coefficients; standard errors clustered on country in parentheses; constant, year fixed effects, and country fixed effects omitted from presentation.

* p<0.10, ** p<0.05, *** p<0.01 (two-tailed).

Greenhouse Gas Emissions
CO₂ emissions account for a significant, but not exhaustive portion of total greenhouse gas (GHG) emissions. Our decision to focus on CO₂ is based on several considerations, though. First, CO₂ emissions are directly tied to key economic activities such as industrial production, energy consumption, and international trade – all are central to our investigation of the interaction between state capacity and the welfare state. This makes CO₂ emissions a particularly salient indicator for our purposes. Second, total greenhouse gases usually also include emissions from biomass burning (such as forest fires), which does not fit our focus. However, to address the broader scope of emissions, we conducted an additional robustness check using total GHG emissions (in metric tons of CO2 equivalent per capita, log-transformed). We use data from the World Bank Development Indicators. They describe these emissions as consisting of CO2 totals, not considering short-cycle biomass burning (such as agricultural waste or savanna burning). Other biomass burning is, however, included (such as forest fires, post-burn decay, peat fires, and decay of drained peatlands), as well as anthropogenic methane sources, nitrous oxides, and fluorinated gases. The results as summarized in Table A3 remain consistent with our findings for CO₂ emissions, further confirming the reliability of our conclusions.

Government Ideology
We also control for the political ideology of a country’s executive. Neumayer (2003a) shows that parliamentary left (green) party strength is linked to lower pollution levels. Neumayer (2004) also reports that leftist political parties are more likely to refer to environmental issues in their party manifestos. These results are consistent with Tobin (2017: 28): “the presence of a left-wing government is shown to be sufficient for ambitious climate policy,” highlighting that “climate change remains a party-identified political issue.” Finally, several studies link more leftist ruling ideologies with better environmental performance at the outcome level (e.g., Garmann 2014; Wen et al. 2016; Kammerlander and Schulze 2021).
To this end, we created one variable on governments’ ideology based on the World Bank’s Database of Political Institutions. These data provide information on political leaders’ (chief executive) and the largest government party’s political orientation, distinguishing between left, center, right, and other. The classification follows the typical left-right spectrum, while “other” mostly refers to non-democratic leaders and systems where this scale cannot fully be applied. We use this information to create one dichotomous variable, which receives a value of 1 if either a political leader or the largest executive party are coded as “center” or “right.” In turn, we interact this variable with State Capacity * Welfare State (ln). The corresponding findings are presented in Table A4.

Table A4. Government Ideology
	 
	Model A6

	Lagged Dependent Variable
	  0.845***

	
	 (0.046)

	State Capacity
	  0.191*

	
	 (0.101)

	Welfare State (ln)
	 -0.289***

	
	 (0.095)

	State Capacity * Welfare State (ln)
	 -0.148**

	
	 (0.071)

	Center-Right Executive
	  0.121

	
	 (0.202)

	Center-Right Executive * State Capacity
	  0.108

	
	 (0.117)

	Center-Right Executive * Welfare State (ln)
	 -0.136

	
	 (0.149)

	State Capacity * Welfare State (ln) * Center-Right Executive
	 -0.151

	
	 (0.093)

	Democracy
	 -0.002

	
	 (0.002)

	GDP per capita (ln)
	  0.831

	
	 (0.608)

	GDP per capita (ln)2
	 -0.042

	
	 (0.038)

	Population (ln)
	 -0.170

	
	 (0.200)

	Globalization
	  0.003

	
	 (0.003)

	Observations
	785

	Country Fixed Effects
	Yes

	Year Fixed Effects
	Yes



Notes. Table entries are regression coefficients; standard errors clustered on country in parentheses; constant, year fixed effects, and country fixed effects omitted from presentation.

* p<0.10, ** p<0.05, *** p<0.01 (two-tailed).

On one hand, State Capacity * Welfare State (ln) remains negatively signed and statistically significant. On the other hand, State Capacity * Welfare State (ln) * Center-Right Executive only approaches conventional levels of statistical significance. These coefficient estimates suggest that more interventionist, i.e., more leftist executives, perform better and are associated with lower emissions. The effect we identify for State Capacity * Welfare State (ln) thus seems largely driven by non-center-right governments.

Table A5. Regional Effects
	 
	Model A7

	Lagged Dependent Variable
	  0.949***

	
	 (0.008)

	State Capacity
	  0.118**

	
	 (0.047)

	Welfare State (ln)
	 -0.154***

	
	 (0.054)

	State Capacity * Welfare State (ln)
	 -0.066*

	
	 (0.035)

	Democracy
	 -0.001

	
	 (0.001)

	GDP per capita (ln)
	  0.209

	
	 (0.141)

	GDP per capita (ln)2
	 -0.009

	
	 (0.009)

	Population (ln)
	 -0.000

	
	 (0.003)

	Globalization
	  0.001

	
	 (0.001)

	North Africa and Middle East
	 -0.047

	
	 (0.032)

	Sub-Saharan Africa
	 -0.046*

	
	 (0.028)

	Asia
	 -0.002

	
	 (0.030)

	Americas
	 -0.039*

	
	 (0.023)

	Observations
	819

	Country Fixed Effects
	No

	Year Fixed Effects
	Yes



Notes. Table entries are regression coefficients; standard errors clustered on country in parentheses; constant and year fixed effects omitted from presentation.

* p<0.10, ** p<0.05, *** p<0.01 (two-tailed).
Regional Effects
To model the influence of country effects in a more substantive way, we include regional dummies to the main model. Using the Correlates of War data’s definition of regions, we add binary variables for North Africa and the Middle East, Sub-Saharan Africa, Asia, and the Americas. Europe is left out as the baseline for comparison. The interaction of state capacity and the welfare state remains negatively signed and statistically significant at the 10 percent level. In addition, the added controls highlight that CO2 emissions are, all else equal, significantly lower in Sub-Saharan African and American lower-income countries than in European ones.

Table A6. Alternative Indicator for the Welfare State
	 
	Model A8

	Lagged Dependent Variable
	  0.847***

	
	 (0.042)

	State Capacity
	  0.090

	
	 (0.064)

	Welfare Spending (ln)
	 -0.077***

	
	 (0.024)

	State Capacity * Welfare Spending (ln)
	 -0.043*

	
	 (0.023)

	Democracy
	 -0.001

	
	 (0.002)

	GDP per capita (ln)
	  0.570

	
	 (0.546)

	GDP per capita (ln)2
	 -0.026

	
	 (0.035)

	Population (ln)
	 -0.140

	
	 (0.197)

	Globalization
	  0.004

	
	 (0.003)

	Observations
	826

	Country Fixed Effects
	Yes

	Year Fixed Effects
	Yes



Notes. Table entries are regression coefficients; standard errors clustered on country in parentheses; constant, year fixed effects, and country fixed effects omitted from presentation.

* p<0.10, ** p<0.05, *** p<0.01 (two-tailed).
Alternative Data for the Welfare State
We also considered alternative data for the World Bank’s Country Policy and Institutional Assessment (CPIA) social protection rating score. Specifically, we opted for total expenditure on social protection, as the percentage of general government expenditure. The item is included in the QOG data (Teorell et al. 2023) and is originally taken from the IMF Government Finance Statistics. To account for the rather skewed distribution of this variable, our final item is log-transformed and linearly interpolated as well for missing values. It correlates positively with the CPIA index we use in the main text (r=0.378).
The revised model using the Teorell et al. (2023) measure is summarized in Table A6, Model A8. When using the different indicator, however, the core result remains unchanged as the interaction of State Capacity * Welfare Spending (ln) still is negatively signed and statistically significant. Hence, we conclude that our findings are robust to using alternative data for the welfare state.

Composition Effect
We added two control variables to our main model to consider potential influences from the composition effect (Cole and Elliott 2003). On one hand, there is an item on the agricultural, forestry, and fishing (value added) output as a percent of GDP. On the other hand, we control for the industrial (including construction, value added) output as a percent of GDP. Both variables are taken from the World Bank’s Development Indicators. The revised core model is summarized in Table A7: while our interactive specification of State Capacity * Welfare State (ln) remains negatively signed and statistically significant at conventional levels, neither Agricultural Output nor Industrial Output reach levels of statistical significance.

Alternative Indicator for State Capacity
As an alternative to the Worldwide Governance Indicators’ (WGI) government-effectiveness item, we considered the capacity variable in Hanson and Sigman (2021). This item is based on latent-variable analysis on 21 different indicators on extractive, coercive, and administrative dimensions of state capacity. Missing values of this item are interpolated. The final variable receives higher values for more developed state capacity. It correlates positively with the WGI measure we use in the main text (r=0.551). 

Table A7. Composition Effect
	 
	Model A9

	Lagged Dependent Variable
	  0.953***

	
	 (0.007)

	State Capacity
	  0.132**

	
	 (0.054)

	Welfare State (ln)
	 -0.174***

	
	 (0.062)

	State Capacity * Welfare State (ln)
	 -0.073*

	
	 (0.042)

	Democracy
	 -0.001

	
	 (0.001)

	GDP per capita (ln)
	  0.183

	
	 (0.133)

	GDP per capita (ln)2
	 -0.007

	
	 (0.008)

	Population (ln)
	  0.002

	
	 (0.003)

	Globalization
	  0.000

	
	 (0.001)

	Agricultural Output
	  0.000

	
	 (0.001)

	Industrial Output
	 -0.000

	
	 (0.001)

	Observations
	811

	Country Fixed Effects
	Yes

	Year Fixed Effects
	Yes



Notes. Table entries are regression coefficients; standard errors clustered on country in parentheses; constant, year fixed effects, and country fixed effects omitted from presentation.

* p<0.10, ** p<0.05, *** p<0.01 (two-tailed).

The interaction term Alternative State Capacity * Welfare State (ln) is, again, negatively signed and significant at the 5 percent level. All other results are virtually identical to what we discuss above and in the main text. Therefore, our findings are robust to using alternative data for state capacity, too.

Table A8. Alternative Indicator for State Capacity
	 
	Model A10

	Lagged Dependent Variable
	  0.953***

	
	 (0.008)

	Alternative State Capacity
	  0.141***

	
	 (0.050)

	Welfare State (ln)
	 -0.113***

	
	 (0.035)

	Alternative State Capacity * Welfare State (ln)
	 -0.080**

	
	 (0.039)

	Democracy
	 -0.000

	
	 (0.001)

	GDP per capita (ln)
	  0.193

	
	 (0.123)

	GDP per capita (ln)2
	 -0.008

	
	 (0.008)

	Population (ln)
	  0.002

	
	 (0.003)

	Globalization
	  0.000

	
	 (0.001)

	Observations
	826

	Country Fixed Effects
	Yes

	Year Fixed Effects
	Yes



Notes. Table entries are regression coefficients; standard errors clustered on country in parentheses; constant, year fixed effects, and country fixed effects omitted from presentation.

* p<0.10, ** p<0.05, *** p<0.01 (two-tailed).

Subcomponents of the CPIA Index
The World Bank’s CPIA score comprises four equally weighted clusters: economic management, structural policies, policies for social inclusion and equity, and public sector management and institutions. While only the third of these clusters directly relates to the welfare state, the others capture potential for poverty reduction. In Table A9, we explore the effects of the CPIA index’s subcomponents. Similar to Model A1 above, we use panel-corrected standard-error models (Beck and Katz 1995) and specify that, within panels, there is first-order autocorrelation with the coefficient of this process being common to all panels. As the subcomponents are even more slow-moving over time than the aggregated score, we leave out the country fixed effects. 

Table A9. Subcomponents of the CPIA Score
	 
	Model A11
Economic Management
	Model A12
Structural Policies
	Model A13
Social Inclusion and Equity
	Model A14
Public Sector Management

	State Capacity
	  0.173
	  0.237
	  0.512***
	  0.381**

	
	 (0.122)
	 (0.188)
	 (0.187)
	 (0.179)

	Welfare State
	 -0.107***
	 -0.180***
	 -0.235***
	 -0.171***

	
	 (0.032)
	 (0.068)
	 (0.063)
	 (0.064)

	State Capacity * Welfare State
	 -0.038
	 -0.054
	 -0.140**
	 -0.111*

	
	 (0.035)
	 (0.055)
	 (0.055)
	 (0.058)

	Democracy 
	 -0.002
	 -0.003
	 -0.003
	 -0.002

	
	 (0.003)
	 (0.003)
	 (0.003)
	 (0.003)

	GDP per capita (ln)
	  2.960***
	  3.246***
	  2.827***
	  2.868***

	
	 (0.706)
	 (0.653)
	 (0.648)
	 (0.695)

	GDP per capita (ln)2
	 -0.104**
	 -0.121***
	 -0.094**
	 -0.097**

	
	 (0.044)
	 (0.041)
	 (0.040)
	 (0.043)

	Population (ln)
	 -0.067***
	 -0.075***
	 -0.072***
	 -0.073***

	
	 (0.016)
	 (0.012)
	 (0.014)
	 (0.014)

	Globalization
	  0.015***
	  0.019***
	  0.016***
	  0.015***

	
	 (0.003)
	 (0.004)
	 (0.004)
	 (0.004)

	Observations
	824
	824
	821
	824



Notes. Table entries are regression coefficients; standard errors clustered on country in parentheses; constant omitted from presentation.

* p<0.10, ** p<0.05, *** p<0.01 (two-tailed).

As shown in Table A9, all interaction terms are negatively signed, as expected by our argument, but only the most direct cluster (Social Inclusion and Equity – Model A13) is linked to a robustly significant and sufficiently large effect estimate. The interaction term in Model A14 (Public Sector Management) is significant at the 10 percent level, while the effect size is less strongly pronounced than in Model A13.


Temporally Lagging Explanatory Variables
We also removed the lagged dependent variable in our main model and temporally lagged all explanatory variables. The results are summarized in Table A10. The interaction effect only approaches conventional levels of statistical significance, but recall that a direct reading of the effects in interaction models may not always be possible. Thus, we plot the marginal effects of our core specification in Figure A3: as demonstrated there, the impact on climate policy outcomes is qualitatively identical – both in terms of substance and significance – as discussed above and in the main text.

Table A10. Temporally Lagging Explanatory Variables
	 
	Model A15

	State Capacity
	  0.366

	
	 (0.337)

	Welfare State (ln)
	 -0.614**

	
	 (0.286)

	State Capacity * Welfare State (ln)
	 -0.358

	
	 (0.259)

	Democracy
	  0.004

	
	 (0.006)

	GDP per capita (ln)
	  1.385

	
	 (1.810)

	GDP per capita (ln)2
	 -0.046

	
	 (0.118)

	Population (ln)
	 -0.259

	
	 (0.659)

	Globalization
	  0.017*

	
	 (0.009)

	Observations
	824

	Country Fixed Effects
	Yes

	Year Fixed Effects
	Yes



Notes. Table entries are regression coefficients; standard errors clustered on country in parentheses; constant, year fixed effects, and country fixed effects omitted from presentation.

* p<0.10, ** p<0.05, *** p<0.01 (two-tailed).





Figure A3. Marginal Effects at the Mean of Welfare State (ln) (temporally lagged) 
[image: ]
Notes. Graph displays marginal effects of the temporally lagged Welfare State (ln) for given values of the temporally lagged item State Capacity; dashed lines stand for adjusted 95 percent confidence intervals (MacGregor-Fors and Payton 2013); horizontal dotted line marks marginal effect of 0; rug plot at horizontal axis depicts distribution of State Capacity; graph based on Model A10.

List of Countries and Years Covered by the Sample
In Table A11, we provide an overview of those lower-income countries that are included in our sample. We also indicate the first year a country enters the sample and, if applicable, it is no longer considered for our analyses



Table A11. Countries and Years (First and Last Year) Included in the Sample
	Country
	First Year
	Last Year

	Afghanistan
	2014
	2018

	Angola
	2005
	2013

	Azerbaijan
	2005
	2010

	Bangladesh
	2005
	2018

	Armenia
	2005
	2013

	Bhutan
	2005
	2018

	Bolivia
	2008
	2015

	Solomon Islands
	2005
	2018

	Myanmar
	2013
	2018

	Burundi
	2005
	2018

	Cambodia
	2005
	2018

	Cameroon
	2005
	2018

	Cabo Verde
	2005
	2018

	Central African Republic (the)
	2005
	2018

	Sri Lanka
	2005
	2015

	Chad
	2005
	2018

	Comoros (the)
	2005
	2018

	Congo (the)
	2005
	2018

	Congo (the Democratic Republic of the)
	2005
	2018

	Benin
	2005
	2018

	Ethiopia
	2005
	2018

	Djibouti
	2013
	2018

	Georgia
	2005
	2013

	Gambia (the)
	2005
	2018

	Ghana
	2005
	2018

	Guinea
	2005
	2018

	Guyana
	2005
	2018

	Haiti
	2005
	2018

	Honduras
	2005
	2018

	India
	2005
	2013

	Côte d'Ivoire
	2005
	2018

	Kenya
	2005
	2018

	Kyrgyzstan
	2005
	2018

	Lao People's Democratic Republic (the)
	2005
	2018

	Lesotho
	2005
	2018

	Liberia
	2009
	2018

	Madagascar
	2005
	2018

	Malawi
	2005
	2018

	Mali
	2005
	2018

	Mauritania
	2005
	2018

	Mongolia
	2005
	2018

	Moldova (the Republic of)
	2005
	2018

	Mozambique
	2005
	2018

	Nepal
	2005
	2018

	Nicaragua
	2005
	2018

	Niger (the)
	2005
	2018

	Nigeria
	2005
	2018

	Pakistan
	2005
	2018

	Papua New Guinea
	2005
	2018

	Guinea-Bissau
	2005
	2018

	Timor-Leste
	2006
	2018

	Rwanda
	2005
	2018

	Senegal
	2005
	2018

	Sierra Leone
	2005
	2018

	Viet Nam
	2005
	2015

	Somalia
	2017
	2017

	Zimbabwe
	2005
	2018

	Sudan
	2005
	2018

	Sudan (the)
	2005
	2018

	Tajikistan
	2005
	2018

	Togo
	2005
	2018

	Uganda
	2005
	2018

	Tanzania, the United Republic of
	2005
	2018

	Burkina Faso
	2005
	2018

	Uzbekistan
	2005
	2018

	Zambia
	2005
	2018
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